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This research provides insight into the drivers of generosity behavioral intentions. 
Behavioral reasoning theory (BRT) is used as the framework for this investigation. First, 
in BRT, attitudes directly predict behavior and behavioral intentions (Ajzen, 2008; 
Ranganathan & Henley, 2008; Webb, Green, & Brashear, 2000; Westaby, 2005a, 2005b, 
2006). Second, attitudes influence the relationship between “reasons” and behavioral 
intentions as demonstrated in several studies by Westaby (2005a, 2005b, 2006). Third, 
the reasons construct has two components: reasons for and reasons against a behavior 
(Westaby, 2006). Westaby (2005a, 2005b) and Briggs, Peterson, and Gregory (2010) 
empirically explore this construct and demonstrate that it directly and positively 
influences attitudes. Finally, reasons directly and positively influence behaviors and 
behavioral intentions (e.g., Costa-Font, Rudisill, & Mossialos, 2008; Kim, Kim, Myoung, 
& Lee, 2010; Lee, Westaby, Chyou, & Purschwitz, 2007; Wagner & Westaby, 2009).  
Drawing on behavioral reasoning theory research (Costa-Font et al., 2008; Lee et 
al., 2007; Sarif & Shiratuddin, 2010; Wagner & Westaby, 2009; Westaby, 2005a, 2005b, 
2006; Westaby & Fishbein, 1996), these essays build empirically based models that 
consider reasons as direct drivers of generosity behavioral intentions. Essay 1 evaluates 
pre-service learning experience measures as reasons. Because behavioral reasoning 
iv 
 
theory includes a feedback loop from behavior to reasons, Essay 2 compares two models 
using different post-service-learning experience measures as reasons and determines 
which model is the best driver of generosity behavioral intentions. Essays 1 and 2 also 
examine the role of attitudes in the relationship between reasons and behavioral 
intentions. 
Keywords: behavioral reasoning theory, service learning, generosity, 
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THE DRIVERS OF FUTURE GENEROSITY BEHAVIORAL INTENTIONS OF 
COLLEGE SERVICE-LEARNING EXPERIENCE PARTICIPANTS 
 
Summary of Research 
 
Nonprofit Marketing.  Because of the increasing importance of nonprofit 
activities, marketers are redoubling their efforts to determine the conditions under which 
people donate to nonprofits and to develop an understanding of the motivations that 
influence volunteering and other helping behaviors (Bendapudi, Singh, & Bendapudi, 
1996). Recently, Polonsky and Grau (2008) issued a challenge to macromarketing 
researchers to better understand the social value of individual nonprofit organizations as 
these organizations increasingly adopt marketing practices from businesses. Already, 
nonprofit organizations use marketing techniques not traditionally thought to be in their 
domain and considered sophisticated by marketing industry standards. These include 
relationship marketing, branding, and the measurement of marketing return on 
investment, as well as other elements of marketing strategy and business tools (e.g., 
Diamond & Gooding-Williams, 2002; Fisher & Ackerman, 1998; Polonsky & Grau, 
2008; Reed, Aquino, & Levy, 2007; Venable, Rose, Bush, & Gilbert, 2005; Webb et al., 
2000; Wymer, Knowles, & Gomes, 2006). Indeed, with regard to donations, it is 
proposed that “a nonprofit’s first task in competing for donations is becoming well-
known to the community it serves” (Wymer et al., 2006, p. 5), which requires branding, 
marketing, and targeted marketing messages. With increasing need and decreasing 
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volunteers and funds, it is easy to understand why nonprofit organizations seek to 
increase their use of marketing strategy and other sophisticated business tools used in 
industry to attract consumers (i.e., donators of time and money) and increase the amounts 
of time and dollars donated.  
With regard to the amount of money Americans donate to charities, in 1994, the 
American Association of Fund-Raising Counsel estimated donations of approximately 
$303.75 billion to charitable causes. However, according to Giving USA (2010), 
charitable giving has been steadily decreasing, falling 3.2% in 2009—the steepest decline 
since it began tracking this information in 1956. Even with this decline, the $303.75 
billion donated to nonprofit organizations in 2009 is still a considerable amount of money 
(Giving USA 2010). 
According to a national survey ("Independent Sector: Giving and Volunteering in 
the United States, Findings from a National Survey," 2002), in 2001, people over the age 
of 21 years, representing 44.2% of the total U.S. population in that age category, reported 
volunteering during the previous 12 months. Furthermore, more than 27% of that number 
volunteered in the month prior to the survey.  The 2009 volunteering estimates from the 
Bureau of Labor Statistics places national volunteer hours at 8.1 billion. In a study funded 
by the U.S. Department of Labor’s Bureau of Economic Analysis in 2003, Pho (2004) 
estimates that volunteer labor output in monetary terms ranges between $79 billion and 
$130 billion, depending on the valuation technique used. Likely questions nonprofit 
executives might ask include the following: Who are these donors of time and money, 




College Service-Learning and College Students.  The challenge to nonprofit 
organizations is finding enough volunteers to do the work required (or increasing the 
amount of hours current and prospective volunteers donate). A potential pool of 
volunteers nonprofit organizations could consider is college students—especially because 
college graduates become part of the workforce and are tomorrow’s executives and 
leaders. Social fraternities and sororities on college campuses may include an aspect of 
volunteering as part of the organization’s culture. However, several specific service 
fraternities focus on service and volunteering (with less emphasis on socializing) as part 
of their mission and culture. Within colleges of business, these student organizations 
include Students in Free Enterprise (SIFE), Alpha Phi Omega, Rotaract, and NetImpact. 
In addition, colleges are beginning to pay attention to their potential role in increasing 
civic mindedness in their graduates and have begun to require service-learning programs 
at their schools and welcome organizations such as the Nonprofit Leadership Alliance on 
their campuses. These types of organizations have programs that encourage volunteerism 
and civic and nonprofit leadership. There was a recent debate between the mayor of the 
City of Pittsburgh and the city’s dozen or so private and public colleges and universities 
(which are nonprofit educational organizations) regarding these schools’ payment of their 
“fair share” of taxes. A series of advertisements promoted the amount of hours and 
equivalent dollars these colleges and universities, through their students, contribute to the 
community. One such advertisement, run by Duquesne University (DU) (Appendix A), 
promoted that from 2006 to 2009, DU’s service-learning initiatives alone placed more 
than 3,700 students with area nonprofit organizations and agencies to address needs 
identified by the community. The advertisement notes that the estimate of this volunteer 
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effort totals more than 43,000 hours of service, which DU valued at more than $850,000 
("Duquesne University Community Engagement Report 2007-2009," 2010). If this 
amount is multiplied by the hundreds of schools across the country likewise contributing 
to the communities in which they reside, it becomes evident that the number of hours and 
dollar value contributed through college service learning and volunteering activities is 
astounding. 
In the service-learning context, student populations are involved at all grade 
levels, including college. The NSSE Yearbook (National Society for the Study of 
Education) dedicates an entire chapter to service-learning in higher education (Schine, 
1997). Many colleges include internships and an experiential aspect to curricula and even 
require students to have a service-learning experience (e.g., California State University, 
Monterey Bay; Tulane University). That is, to graduate, students are required to 
participate in a predetermined number of service hours (volunteer hours) at nonprofit 
organizations. Service-learning is considered a way for students to gain experiential 
learning and a hands-on application of classroom theories. Equally important, citizenship 
behavior (i.e., giving of themselves for a greater good, demonstrating prosocial behavior 
and generosity) is developed at the same time (Berger 2004). Indeed, a body of research 
investigates the usefulness of experiential or applied learning (e.g., in service-learning 
projects in which students apply classroom teachings to meaningful public service and 
comprehension of course concepts) (Kaye Berger, 2004; Kezar & Rhoads, 2001; Strain, 
2005). 
Researchers have examined outcomes of college student volunteering (e.g., Marta 
& Pozzi, 2008), focusing largely on reflection, applied learning experiences, and 
5 
 
curricula (for a summary, see Astin, Vogelgesang, Ikeda, & Yee, 2000). In turn, nonprofit 
organizations receive a reciprocal benefit from the donation of much-needed volunteer 
hours in terms of labor or skilled services—a win-win situation, especially if they can 
form long-term volunteering or donor relationships with these students after they 
graduate. Indeed, the Bureau of Labor Statistics of the U.S. Department of Labor 
indicates that those adults who began working with nonprofit organizations when they 
were young tend to continue to volunteer and stay involved throughout their lifetimes 
(Bureau of Labor Statistics, 2009). 
However, a gap exists. The gap involves how the required service-learning 
experiences shape students’ future volunteer and donation intentions, and this gap is the 
focus of these essays. The next section presents two essays. The organization of each 
essay is as follows. First, streams of research related to the study are reviewed and outline 
the motivation for each essay. Then, the research questions are posed along with the 
conceptual framework and hypotheses. This is followed by empirical analyses and 
discussion of findings. The background literature of this dissertation—namely, BRT—is 
reviewed in depth in Essay 1 and briefly repeated in Essay 2. References appear at the 












ESSAY 1: COLLEGE STUDENT’S PRE-SERVICE LEARNING EXPERIENCE 






Nonprofit organizations are in a competitive environment and are increasingly 
challenged to obtain funding and volunteers to meet the growing needs of the people and 
communities they serve (Bussell & Forbes, 2002). In this type of environment, nonprofit 
organizations recognize the importance of marketing (Pope, Sterrett-Isely, & Asamoa-
Tutu, 2009) and the need to heighten their visibility in the communities they serve to 
increase volunteer and donor awareness (Wymer et al., 2006). Branding, marketing, and 
targeted marketing messages, including marketing communications, improve this 
visibility and allow nonprofit organizations to reach new audiences (Wymer et al., 2006). 
One such audience is young people (Eisner, Grimm Jr, Maynard, & Washburn, 2009) 
which includes college students. In the short run, nonprofits are reaching out to colleges 
and universities through their service-learning experience programs to obtain civic-
minded volunteers as well as to develop long-term relationships with these same 
volunteers. When these volunteers are on their own and in the community, post-
graduation, these nonprofit organizations must compete for their attention by 
implementing strategic volunteer plans (Eisner et al., 2009) and using sophisticated 
marketing strategies and tactics to maximize the lifetime value (Sargeant & Woodliffe, 
2007; Shen & Tsai, 2010) of these relationships. 
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Nonprofits are the beneficiaries of the increased focus colleges and universities 
have placed on the service-learning volunteer experience (hereinafter, “service-learning 
experience”). College service-learning is a way of engaging students to develop the 
habits and attitudes of constructive citizenship (Schine, 1997). Service-learning 
experiences serve as important antecedents to subsequent decisions made about social 
responsibility, civic-mindedness, and other generosity behaviors or intentions after 
graduation. However, little is known about this decision process (Tomkovick, Lester, 
Flunker, & Wells, 2008) and how the service-learning experience affects the student’s 
future generosity behavioral intentions, in which volunteering and donations are included. 
These early volunteer experiences have implications for nonprofits and nongovernmental 
organizations (NGOs), which rely on people with a commitment to, awareness of, and 
interest in community to lead and staff their organizations (U.S. Department of Labor, 
Bureau of Labor Statistics, 2009) and provide funding for operations. The experiences of 
these students and young people are likely to encourage or discourage a person 
considering future donation and volunteer commitments. 
By understanding the impact of the service-learning experience, nonprofit 
organizations can create a marketing mix that helps them achieve their volunteer 
recruiting and retention goals as well as fund-raising objectives by targeting what is 
important to college students and, potentially, college graduates living in their 
communities. Likewise, in terms of their community presence and commitment to 
providing students with opportunities to learn civic and socially responsible behaviors 
through service-learning experiences, universities can use the insights gained to enhance 
a student’s service-learning experience to maximize future socially responsible and 
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civically minded generosity behaviors of students and graduates. In terms of a 
university’s fund-raising activities, insights gained may also help universities understand 
how to increase alumni donations back to their alma mater. 
Statement of Purpose 
The purpose of this research is to gain an understanding of the drivers of 
generosity behavioral intentions. Drawing on previous behavioral reasoning theory 
research (Costa-Font et al., 2008; Lee et al., 2007; Sarif & Shiratuddin, 2010; Wagner & 
Westaby, 2009; Westaby, 2005a, 2005b, 2006; Westaby & Fishbein, 1996), this research 
proposes models that consider reasons as direct drivers of generosity behavioral 
intentions (using pre-service-learning experience measures as reasons). In addition, Essay 
1 examines the effect of attitudes in this driver model. 
Research Questions 
1. How do a college student’s pre-experience reasons for participating in a 
service-learning experience drive future generosity behavioral intentions? 
a. Specifically, how do a college student’s pre-experience reasons for 
participating in a service-learning experience drive 
i. Future volunteering intentions? 
ii. Future donation intentions? 
b. What is the impact of attitudes on the relationship between reasons 
and  
i. Future volunteering intentions?  
ii. Future donation behavioral intentions?  
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Very little is known, and a thorough literature review did not produce any 
empirical research that uses the BRT framework to examine the reasons construct or 
attitudes as drivers of generosity behavioral intentions or examines reasons in the context 
of the college service-learning experience. Therefore, this research addresses an 
important gap in the extant literature. 
Conceptual Framework and Hypotheses 
 
As theories go, BRT (a behavioral intentions theory) is new, and compared with 
the theory of planned behavior (TPB) and the theory of reasoned action (TRA), it is 
employed in relatively few studies. Behavioral intention models, such as the TPB (Ajzen, 
1985) and the TRA (Fishbein & Ajzen, 1975), traditionally state that attitudes toward the 
behavior, subjective norms (used in TRA and TPB), and perceived control (an added 
construct in TPB) predict intention and that intention predicts behavior (Westaby, 2005a). 
In contrast, BRT extends these theories and presents an explanation of the “how” and 
“why” reasons that demonstrate the relationships among people’s beliefs, global motives, 
intentions, and behavior: beliefs/valuesreasonsglobal 
motivesintentionsbehavior. In turn, BRT demonstrates how behaviors reinforce 
reasons as a feedback loop (for a side-by-side comparison of the progression of 
behavioral intention theories leading to BRT, see Appendix B, and for a complete list of 
construct definitions used in these essays, see Appendix C). With the addition of the 
reasons construct, BRT may explain the additional variance associated with, as well as 
the ability to predict, behavioral intentions (Westaby, 2005a, 2005b; Westaby & 
Fishbein, 1996).  
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Researchers have used BRT to examine several business topics. In the 
management discipline, these include job satisfaction, job search, employee turnover, 
willingness to relocate (Song, Uy, Zhang, & Shi, 2009; Wagner & Westaby, 2009; 
Westaby, 2005a, 2005b, 2006), hiring of young agriculture workers (Lee et al., 2007), 
and nuclear power generation (Costa-Font et al., 2008). In the marketing discipline, the 
topics include customer satisfaction, service quality, and volunteering in a 
macromarketing context (Briggs, Peterson, & Gregory, 2010; Kim et al., 2010). 
BRT—Behavioral Intentions.  Behavioral reasoning theory proposes that 
behavioral intentions serve as critical determinants of behavior. This BRT proposition is 
consistent with past behavioral intentions models/theories of reasoned action and planned 
behavior (for a full discussion, see Ajzen, 1991; Fishbein & Ajzen, 1975). Westaby 
(2005a) uses the common definition of intention: a “person’s location on a subjective 
probability dimension involving a relation between himself and some action” (Fishbein & 
Ajzen, 1975, p. 288). Stated succinctly, how likely it is that a person will undertake or 
express an action or behavior? In the BRT model, intentions mediate the effect of global 
motives in the prediction of behavior. This relationship is consistent with the other 
behavioral intentions models (e.g., TPB) and, according to Westaby (2005a, 2005b), is 
confirmed in several behavioral domains. A key construct in the current research is 
reasons. Similar to Westaby, Probst, and Lee (2010), in Essay 1 the driver model begins 
with reasons for/against behavioral intentions rather than behavior.  
BRT—Global Motives.  In BRT, global motives, like the global construct in TPB, 
include the dimensions of attitudes, subjective norms, and perceived control. Global 
motives are relatively enduring and are not narrowly focused. Research has shown global 
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motives to influence directly behavioral intentions using BRT (Westaby, 2005a, 2005b, 
2006). In the context of employee turnover and relocation decisions, BRT was used and, 
consistent with past theory and models, global motives (attitudes, subjective norms, and 
perceived control) predict intentions and intentions predict behavior (Westaby, 2005a). In 
addition, researchers have used the attitudes dimension of global motives as a dependent 
variable to test part of BRT and found it to be related to reasons (Briggs et al., 2010). 
BRT—Reasons.  The inclusion of reasons extends the TPB and adds to behavioral 
decision-making theories (Sarif & Shiratuddin, 2010). Accordingly, reasons are said to 
“impact global motives and intentions, because they help individuals justify and defend 
their actions” (Westaby, 2005a, p. 98). Reasons can be backward thinking: “If I will have 
engaged in behavior B, it will likely have been because of reason R” (Westaby, 2005a, p. 
101). In other words, reasons are a function of whether expectations are met and are the 
explanation or justification of a behavior; that is, they provide a better understanding of a 
person’s decision-making and their behavior because they include context-specific 
reasons for/against behavior (Westaby et al., 2010). Because reasons in the BRT model 
serve as critical psychological determinants of behavior, and Westaby (2005b) refers to 
the Clary et al. (1998) model using the volunteer functions inventory (VFI) as a reason-
based model , Essay 1 includes VFI reasons.  
It is important to note that reasons, unlike global motives, “are more narrowly 
focus[ed] on the cognitions people use to explain their behavior” (Westaby, 2005a, p. 
100). Therefore, given that reasons provide more context-specific behavioral 
explanations, people may have several context-specific reasons to explain their behavior. 
However, global motives are not context specific toward a behavior. Indeed, “a person 
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may use several context-specific reasons to explain his or her behavior, in contrast to the 
person’s global attitudes toward the behavior” (Westaby, 2005a, p. 98, emphasis in 
original). Westaby (2005a) found that reasons predict global motives (through 
justification and defense mechanisms). These reason “mechanisms” also directly predict 
intentions beyond what can be explained by global motives alone. Reasons coexist with 
people’s beliefs/values and influence and sustain behavior because of the processing of 
their beliefs and values. People use reasons as the specific factors to explain what they 
anticipate in terms of their behavior (Westaby & Braithwaite, 2003).  
BRT—Beliefs/Values.  Behavioral reasoning theory posits that beliefs are 
subjective and that the “beliefs people have about an expected outcome and the value of 
those outcomes” have an effect on motivation (Westaby, 2005a, p. 102). Beliefs “can 
represent many forms of thought” (Westaby, 2005a, p. 100) and are broad and not 
restricted to the context of behavioral explanations. The direct linkages between the 
beliefs construct and global motives have been found to exist “because of automated 
processes that [may] circumvent deeper reason activation” (Westaby, 2005a, p. 99), 
meaning that beliefs/values may lead straight to global motives and not go through the 
further processing step of reasons due to automated processing or the effects of decision 
heuristics. In addition, values are defined as “enduring beliefs that a given behavior or 
outcome is desirable or good” (Rokeach, 1973, p. 5). This view of values changing with 
age is supported by other researchers (e.g., Belk, 1985; Crosby, Gill, & Lee, 1984). Given 
this definition, it seems reasonable that values change with age, even though they are 
enduring, because what one sees as desirable or good changes with age. Although beliefs 
and values are included here as part of a complete review of BRT, the beliefs/values 
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construct is not used in this study because beliefs/values are broader and not restricted to 
the context of a behavior, and values change with age. 
Generosity.  According to Notre Dame’s Center for the Study of Religion in 
Society, generosity is envisioned as “freely giving of one's financial resources, time, and 
talents, [including], for example, charitable financial giving, volunteering, and the 
dedication of one's gifts for the welfare of others or the common good” (as cited in 
Collett & Morrissey, 2007, p. 1). Generosity is also thought to be “unique in that it is the 
habit of giving, or the quality of being ‘generous’ (i.e., willing to share and give, not 
selfish, characterized by a noble, forgiving, and kind spirit, magnanimous)” (Collett & 
Morrissey, 2007, p. 2). Generosity is different from prosocial behavior in that it is a 
lifelong endeavor that has had calls for its own conceptualization and research (Collett & 
Morrissey, 2007). Generosity includes the donation of time (volunteering) and money 
(donations) and may include the donation of blood, organs/tissue, goods, and services.  
Volunteerism has been described as activities focused on improving the well-
being of others (other-focused) (Omoto & Snyder, 1995). Individual volunteering has 
been defined as “individuals doing things that are not bio-socially determined (e.g., 
eating, sleeping), nor economically necessitated (e.g., paid work, housework, home 
repair), nor socio-politically compelled (e.g., paying one’s taxes, clothing oneself before 
appearing in public), but rather that is essentially (primarily) motivated by altruism” 
(Horton-Smith, 1981, pp. 22–23). These altruistic or generosity behaviors are described 
as being a part of human motivation through which a person receives intrinsic satisfaction 
(self-focused) from the donation. In addition to altruism being defined as a person’s 
desire to help others in the volunteer motivation literature, it has also been defined as a 
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person’s desire to serve the community (Horton-Smith, 1981; Mesch, Tschirhart, Perry, 
& Lee, 1998).  
Volunteering and donating to nonprofits are both recognized as consumer 
behavior concepts (Pho, 2004; Wymer et al., 2006; Wymer & Starnes, 2001). 
Volunteering has been considered a leisure activity (Pho, 2004), making it an important 
area of research with relevance to consumer behavior. In turn, these leisure hours, or the 
discretionary time spent volunteering, are not spent in consumer behavior activities such 
as recreational activities (e.g., golfing, skiing) or other leisure activities (e.g., going to the 
movies, the zoo) (Fisher & Ackerman, 1998). Likewise, it is reasonable to conclude that 
people do not spend their discretionary income on consumption activities when they 
donate to nonprofit organizations.  
Leisure activity or not, volunteerism has also been found to provide benefits to 
communities and society by increasing social capital (trust and norms of reciprocity) 
between people and by helping people and communities function better (Stukas, Snyder, 
& Clary, 2008). Throughout contemporary nonprofit literature, researchers have 
recognized that there is an increasing need for the work done in the voluntary sector 
(Weerawardena & Mort, 2008). However, Bussell and Forbes (2002) found that the 
number of people volunteering is not growing at the same rate as the need. Regarding the 
process of becoming a volunteer (or how to reactivate former volunteers), these 
researchers note little work has been done.  This research builds an empirically based 
theoretical model (Figure 1) using BRT, which describes the direct impact reasons have 
on generosity behavioral intentions as well as indirectly through attitude.  
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Figure 1. BRT Conceptual Model 
 
Generosity Behavioral Intentions.  In BRT, behavioral intention leads to behavior. 
This relationship is congruent with other behavioral intentions models such as TPB and 
TRA, in which BRT has its roots. Behavioral intentions are defined as the likelihood a 
person will perform a specific action (Westaby, 2005a). In BRT, global motives predict 
behavioral intentions, which, in turn, drive behavior; this is consistent with TRA and TPB 
in that the theory includes attitudes and norms, but BRT adds control. This relationship 
has been tested and confirmed in many studies, such as consumer behavior (see 
Sheppard, Hartwick, & Warshaw, 1988), exercise behavior (see Hausenblas, Carron, & 
Mack, 1997), and condom use (see Albarracin, Johnson, Fishbein, & Muellerleile, 2001; 
Sheeran & Taylor, 1999). Behavioral intentions in this study include two generosity 
behavioral intentions, future volunteering intentions (FVI) and future donation intentions 
(FDI). 
Attitude.  Ajzen and Fishbein (1980) demonstrated that attitudes are antecedents 
of behavioral intentions. Within the consumer behavior and consumer psychology 
literature, this function (attitudebehavioral intentions) has been demonstrated (Batra, 
Homer, & Kahle, 2001; Homer & Kahle, 1988). Westaby (2005a) found that BRT 
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indicates that reasons lead to global motives and attitudes are a global motives construct. 
Utilizing the BRT framework, attitudes are shaped and predicted by reasons 
(reasonsattitude) (Briggs et al., 2010). In this study, the attitudes construct of global 
motives is operationalized by two attitudinal variables, attitudes toward helping others 
(AHO) and attitudes toward charitable organizations (ACO). I define AHO as a ‘‘global 
and relatively enduring evaluation with regard to helping or assisting other people’’ and 
ACO as ‘‘global and relatively enduring evaluations with regard to the nonprofit 
organizations] that help individuals’’ (Webb et al., 2000, p. 300). Thus, AHO represents a 
broad attitude toward a behavior, and ACO is an attitude toward a target and is consistent 
with the Eagly & Chaiken (1993) conceptualization of attitudes.  
Attitudes toward Charitable OrganizationsBehavioral Intentions.  Of interest to 
this study is the relationship between ACO and AHO and between ACO and the 
(generosity) behavioral intentions of FVI and FDI. Specifically addressing the role of 
ACO and AHO with regard to behavioral intentions, Webb et al. (2000) demonstrated 
that both ACO and AHO are related to donor behaviors. However, Ranganathan and 
Henley (2008) found that ACO is an important determinant of intentions (to donate) 
because AHO alone is not a significant predictor of behavior. Researchers have also 
found that ACO is positively related to number of charity donation categories in addition 
to the amount donated to those categories (Meijer, 2009). Thus: 
H1: ACO is positively related to the generosity behavioral intention of (a) FVI, 
and (b) FDI. 
 
Attitudes toward Helping Others  Attitudes toward Charitable Organizations.  
Webb et al. (2000) framed the relationship between these attitudes constructs as an 
attitude toward a behavior (helping others or AHO) and an attitude toward a target 
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(charitable organization or ACO), similar to Eagly and Chaiken (1993). Furthermore, 
Webb et al. (2000) argued that people with high AHO have more than one way to attain 
the goal of helping others, including through charitable organizations, and theorized that 
ACO was predicted by AHO. In a study using AHO without ACO, Webb et al. found that 
AHO was positively correlated with perceptions about the coverage of social issues in 
business classes (Sleeper, Schneider, Weber, & Weber, 2006). If charitable organizations 
help those who need it by using the resources given to them (from volunteers and donors) 
to assist those whom the organization serves (i.e., transfers help from donors of time and 
money to beneficiaries of the organizations) (Bendapudi et al., 1996), positive AHO will 
result in positive ACO. Indeed, Briggs et al. (2010) and Ranganathan and Henley (2008) 
specifically examined the relationship of the AHO and ACO attitudes constructs and 
found AHO to be positively related to ACO.   Therefore: 
H2: AHO is positively related to ACO. 
 
ReasonsAttitudes toward Helping Others.  In BRT, reasons are defined as the 
specific subjective factors people use to explain their behavior (Westaby, 2005a). BRT 
postulates how reasons are related to global motives (Westaby et al., 2010) because of the 
justification role they perform. Researchers have found that strong reasons for a behavior 
lead to positive attitudes toward that same behavior motives (Westaby et al., 2010). The 
processing of reasons can be explicit (conscious) or implicit (subliminal), depending on 
situations (Westaby et al., 2010), meaning that these justifications can be purposeful or 
automatic. The reasons construct is classified into three categories: future-oriented 
reasons, conceptualized as anticipated reasons; concurrent reasons, which explain 
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behaviors currently being executed; and post hoc reasons, which explain behavior after it 
is or is not executed.  
In this study, reasons is operationalized using the VFI. In the discussion of BRT, 
Westaby (2005a) described the Clary et al. (1998) volunteer function motivation theory 
work as a reason-based theory (like BRT) and that the VFI measures reasons for 
volunteering at organizations. In a partial test of the BRT, Briggs et al. (2010) used two 
VFI constructs as reasons. The following section further explains reason-based VFI. 
Appendix C describes the six measures of the VFI. Briefly, the values dimension 
of the VFI is explained as expressing values (expectations/goals) related to wanting to 
help (altruism) and concern for others (humanitarian). The understanding dimension 
means providing learning experiences and the opportunity to exercise knowledge, skills, 
and abilities and learn about specific causes. The definition of the enhancement 
dimension involves self-esteem and personal strength that helps personal (the ego's) 
growth and development, while the social dimension is defined as an opportunity to make 
or be with friends or to engage in an activity viewed favorably by important others. The 
career dimension is explained as a means to maintain career-relevant skills and to help 
with or prepare for a new career. Finally, the protective dimension is defined as 
protecting the ego to feel less lonely and may serve to reduce guilt over being more 
fortunate than others or to address or escape from personal problems (Clary et al., 1998).  
The VFI is used in research to provide insight into the underlying functions of 
why people volunteer (Clary et al., 1998)—that is, reasons (Westaby, 2005a). The VFI 
examines the extent to which the six VFI volunteer functions  explain important or 
accurate reasons for volunteering (Stukas, Worth, Clary, & Snyder, 2009) and what 
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volunteers expect to receive from the experience (Clary et al., 1998; Clary, Snyder, & 
Stukas, 1996). The VFI explores how much volunteer experiences align with volunteer 
expectations. It also addresses the importance of this alignment or match between 
people’s motivations (expectations) and opportunities provided by the situation’s 
contexts to fulfill motivations (Clary et al., 1998). 
Using the VFI as the measure of the BRT reasons construct, Briggs (2010) 
empirically tested the relationships of three BRT constructs: 
beliefs/valuesreasonsattitude. The reasons construct uses two dimensions (value and 
career) of the VFI as reasons to predict volunteer attitudes. The Briggs et al. (2010) study 
used only the values and career dimensions of the VFI because previous findings 
indicated they had the strongest relationship to attitudes. Per Clary et al., (1998), the 
theoretical basis for the VFI comes from attitude function theory (Katz, 1960), which 
holds that the same cognitive understanding may serve different functions (reasons) for 
different people. Neither the service-learning context nor samples using college students 
have been studied with the VFI and AHO. Because students are used in this study and the 
college service-learning experience is different from those previously studied, all 
measures of the VFI are employed for this study. The VFI is future-oriented or 
anticipated reasons, and research has demonstrated two dimensions to affect attitudes 
(values positively and careers negatively) (Briggs et al., 2010). As such, I hypothesize 
that the dimensions of the VFI affect attitudes, specifically AHO, such that 
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H3a: The VFI values dimension is positively related to AHO. 
H3b: The VFI understanding dimension is positively related to AHO. 
H3c: The VFI enhancement dimension is positively related to AHO. 
H3d: The VFI social dimension is positively related to AHO. 
H3e: The VFI career dimension is negatively related to AHO. 
H3f: The VFI protective dimension is positively related to AHO. 
 
ReasonsGenerosity Behavioral Intentions.  The reasons construct has two 
subcomponents: reasons for and reasons against a behavior. These subcomponents 
represent the explicitly assessed factors people use to explain their anticipated behavior 
for/against (Westaby, 2006) behavioral intentions. From a theoretical position, these 
reasons directly and positively influence behaviors and behavioral intentions and have 
been empirically demonstrated in several studies using BRT (e.g., Costa-Font et al., 
2008; Kim et al., 2010; Lee et al., 2007; Wagner & Westaby, 2009). 
New studies on BRT suggest that the reason variable explains variance in 
intentions, but the explained variance is beyond that explained by global motives 
(Westaby, 2005a). The VFI, which is based on a functional approach to motivation, has at 
its core “concern with the reasons and the purposes, the plans and the goals, that underlie 
and generate psychological phenomena” (Clary et al., 1998, p. 1517). The VFI ties 
directly to the recruiting and retention of volunteers in several studies (e.g., Okun & 
Schultz, 2003; Stukas, Daly, & Clary, 2006). Because the VFI represents the reasons 
people volunteer (Briggs et al., 2010; Clary et al., 1998) and is used to explain directly 
behavioral intention, I hypothesize the following: 
H4: The VFI (a) values, (b) understanding, (c) enhancement, (d) social, (e) 
career, and (f) protective reasons are positively related to FVI. 
 
H5: The VFI (a) values, (b) understanding, (c) enhancement,  (d) social, (e) 





This study uses a self-administered, pre-/post-experience online web survey 
method of data collection. The pre-experience survey assesses the students’ pre-service-
learning experience reasons (VFI) and attitudes (AHO and ACO). The post-experience 
survey assesses students’ post-service-learning experience generosity behavioral 
intentions (FVI and FDI). This research uses the behavioral reasoning theoretical 
framework to assess a student’s college service-learning reasons (using the VFI) as 
drivers of generosity behavioral intentions (FVI/FDI) as well as evaluates the role of 
attitudes in the relationship between reasons and generosity behavioral intentions. 
Appendix D contains the list of indicators for the model. 
This research is both exploratory and an extension of the application of an 
existing structural theory (BRT). The model in Figure 2 comprises 10 latent constructs 
and has 21 paths, making it a relatively complicated path model in structural equation 
modeling (SEM) terms. The sample size of 658 is adequate on the basis of the ratio of the 
number of constructs to the size of the sample (10:658), and is acceptable for either 
covariance-based structural equations modeling (CB-SEM) or partial least squares path 
modeling (PLS-SEM) (Hair, Black, Babin, & Anderson, 2010; Hair, Ringle, & Sarstedt, 
2011). Because there are no formative indicators, the sample size must meet the rule of 
thumb of 10 times the number of structural paths directed at any one latent construct 
(Hair et al., 2011). There are no more than three structural paths directed at any one latent 
construct in the model, so PLS-SEM is a viable option. Furthermore, the key goals of this 
study are to simultaneously predict target constructs (endogenous variables) and identify 
key driver constructs (exogenous variables). In addition, PLS-SEM is a component-based 
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least squares alternative and is more robust than CB-SEM. Because CB-SEM is a full-
information procedure, one incorrectly specified structural path or one construct with 
weak measures could affect other estimates throughout a CB-SEM (Chin, Peterson, & 
Brown, 2008). Thus, the CB-SEM approach is not appropriate for this study, and PLS-
SEM (Hair et al., 2011) is used.  
Assessment of Constructs: Reflective or Formative.  Although the survey 
instruments and items are adapted from existing measurement instruments, the measures 
were evaluated to determine whether the reflective measures were potentially formative 
measures, considering that 29% of marketing constructs have been measured incorrectly 
(i.e., formative when they should have been reflective or vice versa) (Jarvis, MacKenzie, 
& Podsakoff, 2003). It is important to understand this because “reflective indicators are 
essentially interchangeable (and therefore the removal of an item does not change the 
essential nature of the underlying construct). With formative indicators, omitting an 
indicator is omitting a part of the construct” (Diamantopoulos & Winklhofer, 2001, p. 
271). The goal of the driver models in this research is to include all indicators because of 
their contribution to the drivers of the generosity behavioral intention construct as well as 
the target construct itself. Another way to think about the difference between formative 
and reflective indicators is in terms of cause and effect: Reflective indicators are effect 
indicators (i.e., indicators that are affected by the variable) and formative indicators are 
cause indicators (i.e., indicators that cause/determine the variable) (Bollen & Lennox, 
1991). The reflective/formative definitions and the Jarvis et al. (2003) decision rules 
summarized in Table 1 are applied to the measures used in Essay 1.  
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The endogenous dependent variables of future volunteering behavioral intention 
and future donation behavioral intention are determined to be reflective, as are the other 
two endogenous measures, AHO and ACO. Then following these decision rules, the 
exogenous variables of the VFI are also reflective. All relationships of these variables 
appear in the model in Figure 2. 
Endogenous Variables 
Generosity Behavioral Intentions.  The generosity behavioral intentions of FVI 
and FDI are measured with four items in the post-service-learning experience survey. 
Future volunteering is a dependent variable that is assessed using an adaptation of the 
Stukas et al. (2009) scale. This two-item scale is anchored by 1 = “not at all likely” and 7 
= “extremely likely.” The items include (1) “How likely is it that you will be volunteering 
for this organization in one year?” and (2) “How likely is it that you will be volunteering 
for a different organization in one year?” Additional volunteer intention measures 
included these same questions but assessed how likely it is that participants will be 
volunteering for (3) “this” and a (4) “different” organization after graduation (complete 
measures are included in Appendix E). 
In the post-survey, FDI is a dependent variable assessed with two items using 
similar scales as the FVI measures (anchored by 1 = “not at all likely,” and 7 = 
“extremely likely”). The items are (1) “How likely is it that you will donate to this 
organization after you graduate?” and (2) “How likely is it that you will donate to 
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Figure 2. Model Showing Reflective Relationships 
 
Attitude.  The attitudes measures were collected using an adapted eight-item 
measure of AHO and ACO (Webb et al., 2000). These measures, found in Appendix E, 
were assessed in the pre-experience survey using a seven-point scale (1 = strongly 





























































































willing to help others who are less fortunate,” (2) “Helping troubled people with their 
problems is very important to me,” (3) “The money given to organizations goes for good 
causes,” and (4) “My image of charitable organizations is positive.”  
Reasons.  Reasons are measured using the VFI. Adapted from the Clary et al. 
(1998) scale, the VFI used for this study is a 29-item measure of the six dimensions of 
volunteer motivation and, like Briggs et al. (2010), is used to measure reasons. All but 
one of the dimensions of the VFI are measured with five items using a seven-point scale 
(1 = not at all, and 7 = extremely). The other dimension is measured with four items. The 
VFI scale assesses how important or how accurate each item is for volunteering (for the 
complete questionnaire, see Appendix E).  
Research Design.  The data were collected at a private, northeastern university, 
which, as part of graduation requirements, requires 30 hours of service-learning volunteer 
experience toward the completion of a student’s Student Engagement Transcript (SET). 
The necessary IRB approval and amendments were obtained from the university at which 
the study was conducted and are included as Appendix F. As required by the IRB, all 
information required to be provided to the participants was included in the cover letter, 
reminder letters, and/or web surveys (included as Appendix G) and care was taken in the 
development of these communications, as suggested by the Dillman, Smyth, and 
Christian (2009, pp. 297-299) guidelines and Hair et al. (2010, p. 192).  
There was a six- to eight-week time frame between the pre- and post- experience 
surveys, and no control group was used. Because this was an experience-based (not a true 
pre-/post-experimental) design, it was determined in consultation with marketing faculty 
that this time frame would be adequate to evaluate the pre-/post-experience and reduce 
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the likelihood that student memory pre-experience responses would have substantial 
impact. As Manfreda et al. (2008) notes, reminders may affect web response rates 
negatively if they are seen as spam or perceived to be intrusive. Reminder e-mails were 
carefully considered, and it was determined that two reminders be sent for each of the 
pre- and post-experience surveys. A thank-you note was also sent to participants. 
The cover letters were reviewed in the context of the suggestions provided in Hair 
et al. (2009). As Appendix G shows, the instructions provided to students clearly 
explained that to receive SET credit, they must provide student identification numbers 
and complete both the pre- and post-experience surveys. As required by the IRB, student 
confidentiality was communicated on the web survey and was assured by limiting access 
to the survey data using password protection. The exported raw data were also password 
protected. The identification number (not the survey response) was provided to the SET 
program office to properly credit participating students’ SET transcripts.  
Web Survey Considerations.  Both the pre- and the post-experience data 
collections used online surveys sent by e-mail from a well-recognized, credible college 
administrator to increase the likelihood of the e-mail being opened (Dillman et al., 2009). 
According to Hair et al. (2010), web surveys are one of the most frequently used methods 
for survey distribution in marketing research. An online survey has numerous advantages. 
First, an online survey is a less costly option than pen and paper surveys (Duffy, Smith, 
Terhanian, & Bremer, 2005; Hair et al., 2009; McDonald & Adam, 2003; Wright, 2005). 
Second, for groups who have high levels of Internet access (e.g., college students), online 
surveys are a successful means for collecting data (Dillman et al., 2009). Third, as 
respondents answer the questions, the data are immediately coded, eliminating potential 
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transcription errors from pen and paper to a database (Fricker & Schonlau, 2002; Wright, 
2005). Furthermore, online respondents are less susceptible to social desirability bias than 
they would be in face-to-face situations (Duffy et al., 2005). Last, although skipping 
sensitive questions is sometimes a concern, online respondents are less like to do so 
(McDonald & Adam, 2003). Settings were used to prevent skipping questions before 
moving to the next page and all questions were answered. If questions are not temporally 
or proximally separated, a disadvantage of this tactic is that it may create common 
method bias (Podsakoff, MacKenzie, Lee, & Podsakoff, 2003; discussed in the “Common 
Method Variance” section). 
It is important to take into consideration the other disadvantages and potential 
challenges posed by the use of web surveys. For example, prior research is divided on the 
response rate generated by online surveys (Wright, 2005) and the representativeness of 
the samples (Duffy et al., 2005; McDonald & Adam, 2003). Although cash incentives can 
increase participation (e.g., cash sent with mailed surveys) (Dillman et al., 2009; 
Manfreda, Bosnjak, Berzelak, Haas, & Vehovar, 2008), they are typically not used with 
web surveys because of the challenges posed by providing the incentive electronically. 
However, to increase participation in this study, I included an incentive: Students earned 
one full hour of service credit toward their transcript for completing both surveys. 
Although it is a noncash incentive, SET administrators and students who were questioned 
believed the full credit hour to be valuable for several reasons. For SET administrators, it 
was important to improve response rates because they were using some of the data for 
accreditation purposes to show the value of the service-learning experience. Students 
were incentivized because completing both surveys (which took on average less than 30 
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minutes) earned them 3% of their total 30-hour SET transcript graduation requirement. 
As for the representativeness of the sample, the sample is appropriate because it uses 
college students in a university requiring service-learning experiences, the population on 
which this study focuses (i.e., the drivers of generosity behavioral intentions in college 
service-learning experience participants).  
Online Questionnaire Design.  The questionnaire was designed using 
commercially available survey software (Vovici). The survey included features to 
improve visual clarity and attractiveness, simplify the layout, and ease of navigation. In 
addition, a progress bar indicated progress toward completion. All these features reduced 
the potential for measurement error and increased likelihood of completion (Hair et al., 
2010; Singh, Taneja, & Mangalaraj, 2009).  
Technical Features.  The website was hosted by Vovici, which provided 24/7 
access to the survey. Each page was designed to limit the amount of information on it and 
preferably include only one construct. To reduce missing values, when the survey was 
begun, it had to be completed or abandoned; there was no way to return and complete the 
survey at a later time, which some researchers consider a deficiency (Dillman et al., 
2009). In addition, to reduce missing values, a response was required for each question 
on a page before the next page appeared. The survey was technically pretested to ensure 
it worked as expected on a variety of platforms and there were not any other technical 
deficiencies. The survey itself was estimated to take 15 to 20 minutes (an upper limit for 
completing the survey), and on average, both surveys took 15 minutes each. The survey 
was broken up into sections (screens) and an indicator showed visually how much of the 
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survey was completed. The data were collected in the Vovici software and subsequently 
exported into SPSS. 
Sampling Procedures and Web Response.  The population under investigation is 
college students participating in a college service-learning experience. Although this 
population is not difficult to reach, there was no way to determine who was participating 
in service-learning experiences at the beginning of a semester (the time frame of the pre-
experience survey). Therefore, a link to the pre-experience survey was e-mailed to the 
entire 3,860 undergraduate student body—the sampling frame (a nonprobability sample). 
The pre-experience survey included a question to ensure students were qualified (Hair et 
al., 2009; Hair et al., 2010), and that the student intended to participate in a service-
learning experience during the semester. Of the 3,860 surveys sent, 786 initial responses 
were received. The post-experience survey was distributed to those 786 respondents 
using an e-mail with a link to the post-experience survey in the final weeks of the 
semester. Of the 786 surveys distributed, 745 responses were received; however, only 
687 indicated the respondent had participated in a service-learning experience that 
semester. Those 687 post-experience surveys were cleaned and matched (using student 
identifications) to the 786 pre-experience surveys, which were also cleaned before 
matching. The result is 658 useable, clean surveys in the final sample.  
In a meta-analysis that included response rates for web surveys between 1998 and 
2004 response rates varied widely from 11.13% to 82.13% and, when compared with 
other survey modes, was 11% lower (though the target population was not significant) 
(Manfreda et al., 2008). The initial response rate to the pre-experience survey is 20.3% of 
the total undergraduate student population. The response rate for the post-experience 
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survey (those who responded saying they actually participated in a service-learning 
experience during the semester observed) is 87.4%. The one-hour SET transcript credit 
students earned for completing both surveys seemed to work as a good incentive. There is 
no way to determine the reasons students abandoned or declined to participate in the 
survey or whether the reason they did not complete the survey was because they had not 
participated in a service-learning experience that semester.  
Examining the Data.  Data were cleaned and examined for outliers, skewness, 
kurtosis (Hair et al., 2010), and other anomalies (e.g., straight-lining, in which the 
respondent clicks on the same response without regard to question and results in 
inaccurate data). Missing data was not a concern because of the research design (which 
required that all questions be completed before moving on). SPSS 17 was used to 
examine the data. No cases appeared to be outliers, and there is no evidence of straight-
lining. However, skewness and kurtosis were both observed, so the data were 
standardized. No cases were removed from final set of 658 responses. 
Common Method Variance.  According to Elanain (2009), common method bias 
(CMB or common method variance [CMV]) is the distortion of actual linkages between 
constructs because of method variance, and should be considered when the same person 
or source is relied on for both independent and dependent measures of the variables (self-
report). Another potential concern is item characteristic effects (Podsakoff et al., 2003) 
caused by common scale formats and anchors and inferring missing detail. However, 
Spector (2006) noted the concern for CMV has become an automatic reaction when 
cross-sectional, self-report surveys are used, to the extent that “it has achieved the status 
of a methodological urban legend … because there is little scientific data to 
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unequivocally support this view and there are data to refute it” (Spector, 2006, p. 223). In 
addition, Malhotra et al. (2007) noted there is no consensus on the severity of CMV in 
existing research in psychology, marketing, and information systems. These researchers 
propose that marketing research (e.g., the marketing research of this study) is generally 
less susceptible to method biases. 
In any event, according to Podsakoff et al. (2003) and Malhotra et al. (2007), 
CMV can be prevented in any number of ways depending on the research being done and 
was taken into consideration in this study. These methods include, when possible, 
obtaining data from different sources, such as temporal, proximal, psychological, or 
methodological separation of measurement (e.g., counterbalancing question order, 
improving scale items that use different scale endpoints and formats for the dependent 
and independent measures). In this study, the endogenous variables were collected at a 
different time than the exogenous ones (temporal separation per Podsakoff et al., 2003). 
The scales used in this study are existing validated and reliable scales and were 
developed using sound methodology in the development of the original instruments, 
including proximal separation of construct indicators. Moreover, different instruments 
were combined in this survey to assess the constructs of interest, and these instruments 
include different scale endpoints (Podsakoff et al., 2003).  
When not possible or practical to obtain data from different sources (as is the case 
with this study), CMV can be tested post hoc. These tests include factor analysis or 
partial correlation procedures, which can be used to assess method biases by measuring 
variables directly and then partialling their effects out of the dependent and independent 
variables (Podsakoff et al., 2003).  
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This study uses PLS-SEM and post-hoc analysis to assess CMV. Correlation 
between traits can be as high as 0.80 in a sample larger than 500 (Conway, Lievens, 
Scullen, & Lance, 2004). None of the correlations (presented in Appendix H) reach this 
threshold. 
PLS-SEM Model Evaluation 
I chose SmartPLS for analysis. Several articles provide guidance and rules of 
thumb for PLS-SEM data analysis and model evaluation. A June 2011 online article in 
the Journal of the Academy of Marketing Science provides guidance for researchers to 
avoid pitfalls when using PLS-SEM. In addition, the spring 2011 issue of the Journal of 
Marketing Theory and Practice was dedicated to explaining PLS-SEM including an 
article that provides a set of “rules of thumb (RoT)” (Hair et al., 2011) for data analysis. 
These articles build on previous articles raising awareness of PLS-SEM and on the use of 
formative indicators (December 2008 Journal of Business Research special issue). These 
articles, various chapters in Vinzi, Chin, and Henseler (2009), and the more recent 
guidelines and RoT are used as a basis for model evaluation and data analysis in this 
study. 
Figure 3 represents the inner and outer models for this study. Evaluating these two 
models are the two main steps in PLS-SEM analysis. The first step assesses the 
measurement model, or outer model in PLS-SEM language, and shows the relationships 
between indicators and the latent variables. The second step assesses the structural model, 
or PLS-SEM inner model, and shows the relationship between latent variables (Hair et 
al., 2011; Henseler & Fassott, 2010). The structural model is assessed if the analysis in 
the first step meets measurement and significance requirements (Hair et al., 2011). All 
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constructs in this study (shown in Figure 3) are reflective and follow the Hair et al. 
(2011) RoT for reflective measurement models. The structural model shows all the 
constructs and their hypotheses and appears in Figure 4, as developed using SmartPLS 
(Ringle, Wende, & Will, 2005). 
Development of a Higher-Order Construct.  When using the standardized data to 
execute the initial PLS-SEM model evaluation, an anomaly was identified. Relationships 
that were positive on a binary correlations basis changed to negative in the multivariate 
PLS-SEM analysis. The initial result seemed to be illogical (positive correlations, 
negative betas) and required a reassessment of the initial approach to ensure that the 
hypothesized relationships could be evaluated.  Further investigation revealed that the  




Figure 4. Essay 1 Model with Hypotheses 
 
positive correlation and negative beta were discussed in two articles. A potential 
explanation for these results could be the existence of suppression effect. Cenfetelli and 
Bassellier (2009, p. 697, emphasis in original) specifically addressed this effect in 
formative measures and regression. These researchers noted that a “negative value 
indicates that breadth of information has a negative influence when all other factors, such 
as interconnected process, are otherwise equal between firms.” Likewise, the negative 
values in the current study may indicate one (or more) VFI endogenous variables having 
H1 a–b ACO is positively related to both future volunteer and donation intentions. 
H2 AHO is positively related to ACO. 
H3a–f All VFI constructs are positively related (career negatively related) to AHO. 
H4a–f All VFI constructs are positively related to future volunteer intentions. 





















a negative influence when all other VFI endogenous variables are otherwise equal 
between respondents. Gosain, Malhotra, and Elsawy (2005) referenced this effect but 
were dismissive of its occurrence and did not address it further, positing that the purpose 
of PLS-SEM is prediction.  
In consultation with several doctoral-level methods professors, I decided to 
evaluate the possibility of modeling the exogenous constructs hierarchically. From a 
nomological perspective, the six VFI constructs have been previously evaluated as 
subcomponents of a higher-order general motivation to volunteer construct and modeled, 
using a CB-SEM statistical package (LISREL VIII), as a reflective higher-order 
construct. In that study, the first-order six factors performed better than the reflective 
second-order factor (Okun, Bar, & Herzog, 1998). Because PLS-SEM provides the 
ability to develop theory (Hair et al., 2011) and the six VFI first-order constructs likely 
cause (are not caused by, as Okun et al., 1998 posit) the second-order construct, I created 
a reflective-formative Type 2 (Chin, 2010) second-order construct. The creation of the 
second-order construct also enables the statistical anomaly and potential existence of a 
suppression effect to be addressed. In the current study, the use of a second-order factor 
changes the direct path from the six VFI endogenous variables, thereby changing the 
relationships between the betas and the endogenous variables and eliminating any 
potential suppression effect. Furthermore, using the reflective–formative higher-order 
constructs allows the six dimensions of the VFI weights to be used in further evaluations. 
These weights contribute to the formative construct (in this case, a second-order 
construct) and pass through it to the (downstream) neighboring constructs (Chin, 2010). 
Per Albers (2010), a significant difference between reflective and formative measures in 
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PLS is that formative measure indicators can be used to identify which drivers are most 
responsible for an endogenous variable. In addition, weights of formative indicators are 
not used to predict its construct but to maximize the betas in the structural model and 
predict endogenous variables (Chin, 2010). In this study, I used the weights (measures) of 
first-order constructs to create a formative second-order construct (VFISecondOrder, in 
this case) and to maximize the betas in the structural model, thus allowing the hypotheses 
to be examined. The generosity reason higher-order construct is composed of all integral 
dimensions of a generosity reasons construct (values, understanding, enhancement, 
social, career, and protection). This higher-order construct is similar to a hierarchical 
(multidimensional) job satisfaction construct that includes multiple facets (e.g., pay, 
supervisor, opportunity for advancement, etc.; Jarvis et al., 2003) or a service-level 
agreement construct that includes multiple constructs (e.g., foundation, change, 
governance; Goo, Kishore, Rao, & Nam, 2009). The hierarchical component 
development of the construct follows the recommended processes described in Ringle, 
Sarstedt, and Straub (2012) and Wetzels, Odekerken-Schröder, and Van Oppen (2009), 
specifically using PLS-SEM. The resulting higher-order, multidimensional construct 
composed of all the constructs of the VFI is named VFISecondOrder in this study.  
The model was redrawn according to PLS-SEM second-order construct 
guidelines; it is shown in Figure 5 depicting all the relationships of the indicators and 
constructs in the inner and outer models. The new second-order construct, 
VFISecondOrder, is formative and includes all the reflective manifest variables of the 
first-order constructs as required in the repeated indicator mode to form the higher-order 
construct (Ringle et al., 2012; Wetzels et al., 2009). The revised modeling approach is 
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consistent with the previously reviewed BRT and the hypothesized relationships. 
Incorporating a second-order construct in PLS-SEM approach facilitates measurement 
and structural model evaluation, makes accurate hypotheses testing possible, and is 
consistent with the theory development role of PLS-SEM. The following sections discuss 
PLS-SEM model evaluation and the testing of the stated hypotheses. 
Reflective Measurement Model Evaluation.  To measure a reflective measurement 
model, validity and reliability must be considered. “Validity” refers to how well (how 
accurately) reflective constructs are defined by their measures. Reliability and internal 
consistency are measured by construct (composite) reliability. “Reliability” refers to the 
consistency of the measures. Reliability takes into account the consistency of research 
findings and is associated with multi-item (multi-indicator) scales, as are used in this 
research. The stronger the correlation among these indicators, the stronger the correlation 





Figure 5. Essay 1 Inner and Outer Models with VFISecondOrder Construct  
Composite Reliability.  Table 2 presents the composite reliabilities. The 
composite reliabilities for the reflective constructs are all greater than 0.85 and are 
considered acceptable (Hair et al., 2011) in both exploratory and advanced research. 
Although the Cronbach’s Alphas are all greater than 0.74 and are included in Table 2, 
they are not used as the reliability indicator for this research because they tend to 
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ACO 0.6071 0.8559 0.3432 0.7847 
AHO 0.7502 0.9232 0.4529 0.889 
Fut.Don.Int. 0.8149 0.8979 0.1528 (two items) 
Fut.Vol.Int. 0.601 0.8565 0.263 0.7815 
VFI Career 0.6182 0.8895 0 0.844 
VFI Enhance 0.7118 0.908 0 0.8644 
VFI Protect 0.6801 0.9137 0 0.8811 
VFI Social 0.7117 0.9248 0 0.898 
VFI Understand 0.688 0.9168 0 0.8864 
 
VFI Values 0.6517 0.9032 0 0.8657 
 
Indicator Reliability.  Internal consistency reliability is used to assess whether 
measures consistently represent the same construct and usually need to have loadings 
greater than 0.70 to be retained. However, loadings between 0.40 and 0.70 may be 
retained on the basis of face, content, or expert validity (Hair et al., 2011). Although two 
of the indicators in the outer model had indicators less than 0.70, (ACO2MoneyWasted, 
0.4977 and Vol2ThisGrad, 0.6617), I retained them because they are greater than the 0.40 
threshold and because of their contribution to face and content validity (Hair et al., 2011). 
Furthermore, I retained all reflective loadings in the higher-order construct because they 
are required. 
Convergent Validity.  Convergent validity assesses the extent to which a construct 
is positively correlated with the other indicators of the same construct. Convergent 
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validity is evaluated using the average variance extracted (AVE). An adequate degree of 
convergent validity is demonstrated with AVEs of 0.50 or higher (Hair et al., 2011). As 
Table 2 shows, all the reflective measurements have AVEs greater than 0.50.  
Discriminant Validity.  Discriminant validity evaluates the degree to which the 
construct is not correlated with measures different from it (Hair et al., 2010) and is 
distinct from those constructs. To assess discriminant validity, I examined cross-loadings 
using the Fornell-Larcker criterion (Fornell & Larcker, 1981). Table 3 shows the squared 
correlation matrix, including AVEs (shown on the diagonal) for each reflective measure. 
The AVE for each latent construct is greater than each of the latent constructs’ highest 
squared correlation with any other latent variable. When I assessed the cross-loadings, I 
found two indicators that warranted closer examination: ZACO2MoneyWasted and 
Vol2ThisGrad. ZACO2MoneyWasted has a loading of 0.4977, which is lower than two 
of its cross-loadings (ZAHO3CharToOth, 0.5349 and ZAHO4SupFrOth, 0.5262), and I 
retained it on the basis of face and content validity even though it is poorly represented 
(Hair et al., 2010). The other indicator (Vol2ThisGrad, with a loading of 0.6617) has a 





Test for Discriminant Validity: Fornell-Larcker Criterion 
 
 
Table 4 presents the total effects and includes the values obtained in the model 
measurement evaluation. This table shows the associated path coefficients and includes 
both the first- and second-order constructs. These relationships are further examined in 
the assessment of the inner model and hypotheses in the following sections. 
Bootstrapping.  I used 658 cases for bootstrapping and 5,000 bootstrapping 
samples (Hair et al. 2011). Bootstrapping is a random sampling process that is a repeated 
process run in SmartPLS, includes replacement from the original sample, and creates a 




Total Effects (First- and Second-Order Path Coefficients) 
 
ACO AHO FDI FVI 
VFISecond 
Order 
ACO 0 0 0.1019 0.1136 0 
AHO 0.5858 0 0.0597 0.0665 0 
VFI Career* 0.066 0.1127 0.01618 0.0821 0.1674 
VFI Enhance 0.0736 0.1256 0.0689 0.0915 0.1867 
VFI Protect 0.0775 0.1323 0.0725 0.0963 0.1965 
VFI Social 0.0792 0.1352 0.0742 0.0985 0.2009 
VFI Understand 0.0871 0.1486 0.0815 0.1083 0.2208 
VFI Value 0.0827 0.1412 0.0774 0.1028 0.2097 
VFISecondOrder 0.3943 0.673 0.3691 0.4902 0 
*Hypothesized negative relationship. 
 
 
sample (in this case, 658). In this study, 5,000 is the number of prespecified 
bootstrapping samples used to create an empirical sampling distribution. This sampling 
distribution is an approximation and creates standard deviations and mean estimates of 
the beta to approximate two-tailed t-tests for path coefficients, weights, and loadings (for 
further discussion see Hair et al., 2011).  
Table 5 presents the bootstrapping weights for relationship values. All the 
indicators had t-values greater than 1.96 and are significant at the .05 level. Although 
PLS-SEM is not a co-variance based model and no strong assumptions are required with 
it regarding data and sample size, the cases exceed the suggested minimum requirement, 











ZACO1$GoodCause <- ACO 0.8521 0.8517 0.0135 63.0933 
ZACO2$Wasted <- ACO 0.4977 0.497 0.054 9.2189 
ZACO3NonProfSuc <- ACO 0.8611 0.8614 0.0117 73.4563 
ZACO4NonProfUsef <- ACO 0.8443 0.8444 0.0224 37.7769 
ZAHO1LessFort <- AHO 0.8604 0.86 0.0137 62.7838 
ZAHO2HelpTroubPeop <- AHO 0.8661 0.8658 0.0112 77.4796 
ZAHO3CharToOth <- AHO 0.8848 0.8849 0.0112 79.2175 
ZAHO4SupFrOth <- AHO 0.8532 0.8534 0.0128 66.8424 
ZCar1Ft <- VFI Career 0.7947 0.7935 0.0194 40.9755 
ZCar1Ft <- VFI2ndOrder 0.5508 0.5502 0.0315 17.5119 
ZCar2Cont <- VFI Career 0.8226 0.8217 0.0188 43.7762 
ZCar2Cont <- VFI2ndOrder 0.5637 0.5636 0.0327 17.2537 
ZCar3Opt <- VFI Career 0.814 0.8144 0.0172 47.4147 
ZCar3Opt <- VFI2ndOrder 0.6661 0.6662 0.0246 27.0564 
ZCar4Suc <- VFI Career 0.8192 0.8201 0.0139 59.0136 
ZCar4Suc <- VFI2ndOrder 0.7001 0.7004 0.0227 30.8974 
ZCar5Resume <- VFI Career 0.6703 0.6696 0.0279 23.9883 
ZCar5Resume <- VFI2ndOrder 0.5708 0.5698 0.0325 17.5382 
ZDonate1ThisGrad <- FDI. 0.8759 0.875 0.0173 50.5472 
ZDonate2DifGrad <- FDI. 0.9287 0.9289 0.0081 114.659 
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ZEnh1Imp <- VFI Enhance 0.8551 0.8553 0.0128 66.6897 
ZEnh1Imp <- VFI2ndOrder 0.7813 0.7813 0.0171 45.673 
ZEnh2Estm <- VFI Enhance 0.8538 0.8535 0.0134 63.8294 
ZEnh2Estm <- VFI2ndOrder 0.7555 0.7554 0.0186 40.5782 
ZEnh3Need <- VFI Enhance 0.8721 0.8724 0.0112 77.9254 
ZEnh3Need <- VFI2ndOrder 0.7805 0.781 0.0167 46.7406 
ZEnh5New <- VFI Enhance 0.7916 0.792 0.0178 44.3618 
ZEnh5New <- VFI2ndOrder 0.7733 0.7737 0.0185 41.7454 
ZProt1Bad <- VFI Protect 0.8011 0.8009 0.0158 50.6322 
ZProt1Bad <- VFI2ndOrder 0.7145 0.7149 0.0196 36.5387 
ZProt2Lonely <- VFI Protect 0.824 0.8241 0.0151 54.5711 
ZProt2Lonely <- VFI2ndOrder 0.6587 0.6592 0.0232 28.3945 
ZProt3Guilt <- VFI Protect 0.7406 0.7407 0.0222 33.3413 
ZProt3Guilt <- VFI2ndOrder 0.6214 0.621 0.025 24.9039 
ZProt4PerProb <- VFI Protect 0.8682 0.8686 0.0119 72.9215 
ZProt5Escape <- VFI Protect 0.8818 0.8817 0.0094 94.0325 
ZProt5Escape <- VFI2ndOrder 0.6679 0.6688 0.022 30.4227 
ZSoc1Fr <- VFI Social 0.767 0.7656 0.0199 38.6011 
ZSoc1Fr <- VFI2ndOrder 0.5511 0.5492 0.0267 20.642 
ZSoc2Want <- VFI Social 0.7989 0.7983 0.017 47.0289 
ZSoc2Want <- VFI2ndOrder 0.6401 0.6384 0.0241 26.605 
ZSoc3Sh <- VFI Social 0.8804 0.8804 0.0114 77.4633 
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ZSoc3Sh <- VFI2ndOrder 0.7123 0.7115 0.0194 36.6807 
ZSoc4HiVal <- VFI Social 0.8877 0.8876 0.0089 100.094 
ZSoc4HiVal <- VFI2ndOrder 0.7065 0.705 0.0215 32.8731 
ZSoc5ImpAct <- VFI Social 0.8769 0.8768 0.0099 88.2411 
ZSoc5ImpAct <- VFI2ndOrder 0.7299 0.73 0.0189 38.5604 
ZUndrstd1Cause <- VFI Underst. 0.7901 0.7893 0.0213 37.1779 
ZUndrstd1Cause <- VFI2ndOrder 0.7028 0.7031 0.0241 29.166 
ZUndrstd2Persp <- VFI Underst. 0.8455 0.8457 0.015 56.3292 
ZUndrstd2Persp <- VFI2ndOrder 0.7562 0.7574 0.0207 36.5329 
ZUndrstd3Learn <- VFI Underst. 0.8542 0.8544 0.0129 66.4188 
ZUndrstd3Learn <- VFI2ndOrder 0.7658 0.7667 0.0185 41.3669 
ZUndrstd4Deal <- VFI Underst 0.8201 0.821 0.0174 47.2616 
ZUndrstd4Deal <- VFI2ndOrder 0.7174 0.7186 0.0212 33.9114 
ZUndrstd5Strength <- VFI Underst 0.8358 0.8363 0.0158 53.0106 
ZUndrstd5Strength <- VFI2ndOrd. 0.7515 0.7527 0.022 34.1857 
ZVal1Fort <- VFI Value 0.8029 0.8023 0.0181 44.3728 
ZVal1Fort <- VFI2ndOrder 0.6322 0.6322 0.0264 23.9408 
ZVal2Genu <- VFI Value 0.7431 0.7442 0.0237 31.4033 
ZVal2Genu <- VFI2ndOrder 0.6591 0.6595 0.0272 24.1939 
ZVal3Comp <- VFI Value 0.8585 0.8595 0.012 71.3602 
ZVal3Comp <- VFI2ndOrder 0.7207 0.7217 0.0219 32.9314 
ZVal4Imp <- VFI Value 0.8271 0.8279 0.0177 46.6084 
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ZVal4Imp <- VFI2ndOrder 0.7148 0.7153 0.0223 32.0006 
ZVal5Do <- VFI Value 0.8003 0.7995 0.0185 43.3344 
ZVal5Do <- VFI2ndOrder 0.727 0.7267 0.0216 33.6336 
ZVol1This1Yr <- FVI 0.7401 0.7385 0.0305 24.2676 
ZVol2ThisGrad <- FVI 0.6617 0.6608 0.0363 18.2283 
ZVol3Dif1Yr <- FVI 0.8385 0.8378 0.0174 48.0809 
ZVol4DifGrad <- FVI 0.8458 0.8459 0.0159 53.2042 
 
Structural Model Assessment and Assessment of R
2
.  I examined the structural 
model using the R
2
 measures and path coefficients shown in Table 6. Although some 
researchers note that there is no generalizable threshold for R
2
 (see Handbook of PLS), 
the R
2 
for the constructs in this model ranges from 0.15 to 0.45 and is considered weak to 
slightly less than moderate (.50 is moderate) in a marketing research context (Hair et al., 
2011). 
 
Assessment of Path Coefficients.  To test the hypotheses, I evaluated the path 
coefficients. Although I tested all 39 paths in the higher-order structural model and they 
are statistically significant (t-values and associated significance are included in Table 7), 
only the 21 paths related to the hypotheses are further addressed and included in Table 8 
in the next section (hypotheses and associated path coefficients). All 21 hypotheses are 
statistically significant. However, only 20 are accepted (one hypothesis, regarding the 
career reason, is rejected because of direction), as discussed in the next section.  
Because the goal in PLS-SEM is to maximize variance, all data relevant to the 
model provide practical insight into the downstream relationships of the constructs 
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(subsets of the relationships of interest), and these relationships are reported as part of the 
identification of drivers in the model (Chin, 2010). This study does not examine the 
remaining 18 paths created during execution of the PLS model because they are not 
related to the hypotheses. Table 7 shows 9 of these 18 paths that are part of the 
downstream relationships but not further discussed. The remaining 9 paths are created by 
the second-order construct; they are not the focus of this study but are reported in Table 7 
(patterned after Ringle et al., 2012; Wetzels et al., 2009). Although the theoretically 
developed second-order construct is not examined further in terms of existing hypotheses, 
it is the best driver of the three endogenous variables of interest. The construct 
VFISecondOrder is a driver of AHO β 0.673, FVI β 0.4902, and FDI β 0.3691. These 
results provide empirical support for the existence of the second-order construct. 
Impact of Path Analysis on Hypotheses.  In BRT, global motives, in which attitudes is 
included, lead to behavioral intention (Westaby, 2005a). In this study, the attitudes 
construct of global motives is operationalized by two attitudinal variables, AHO and 
ACO. ACO is “a global and relatively enduring evaluation with regard to the nonprofit 
organizations that help individuals” and AHO is “a global and relatively enduring 
evaluation with regard to helping or assisting other people” (Webb et al., 2000, p. 300).  
Thus, ACO is an attitude toward a target, and AHO represents a broad attitudes toward a 














ACO 0.6071 0.8559 0.3432 0.7847 
AHO 0.7502 0.9232 0.4529 0.889 
Fut.Don.Int. 0.8149 0.8979 0.1528 2-items 
Fut.Vol.Int. 0.601 0.8565 0.263 0.7815 
VFI Career 0.6182 0.8895 0 0.844 
VFI Enhance 0.7118 0.908 0 0.8644 
VFI Protect 0.6801 0.9137 0 0.8811 
VFI Social 0.7117 0.9248 0 0.898 
VFI 
Understand 0.688 0.9168 0 0.8864 
 
VFI Value 0.6517 0.9032 0 0.8657 
 







Inner Model Bootstrapping Output for Model as a Result of Reflective Model 
Measurement Specification 
Path Original Sample Mean SD T-Stat.  Sig. 
ACO->FDI 0.1019 0.1014 0.0434 2.3516 .000
***
 
ACO->FVI 0.1136 0.1121 0.0408 2.7832 .000
***
 
AHO->ACO 0.5858 0.5868 0.0301 19.4573 .000
***
 
AHO->FDI 0.0597 0.0596 0.0261 2.289 .000
***
 
AHO->FVI 0.0665 0.066 0.0247 2.6921 .000
***
 
VFICareer->ACO 0.066 0.0662 0.0047 14.0826 .000
***
 
VFICareer->AHO 0.1127 0.1128 0.005 22.6256 .000
***
 
VFICareer->FDI 0.0618 0.0618 0.0064 9.7148 .000
***
 
VFICareer->FVI 0.0821 0.0823 0.0055 14.813 .000
***
 
VFICareer->VFI2nd 0.1674 0.1672 0.0052 32.0191 .000
***
 
VFIEnhance->ACO 0.0736 0.0738 0.0049 15.0573 .000
***
 
VFIEnhance->AHO 0.1256 0.1258 0.0046 27.6112 .000
***
 
VFIEnhance->FDI 0.0689 0.069 0.0069 10.0508 .000
***
 
VFIEnhance->FVI 0.0915 0.0918 0.0057 16.1391 .000
***
 
VFIEnhance->VFI2nd 0.1867 0.1866 0.0037 50.5162 .000
***
 
VFIProtect->ACO 0.0775 0.0778 0.0052 14.819 .000
***
 
VFIProtect->AHO 0.1323 0.1325 0.0053 24.771 .000
***
 
VFIProtect->FDI 0.0725 0.0726 0.0074 9.74 .000
***
 
VFIProtect->FVI 0.0963 0.0967 0.0063 15.2342 .000
***
 
VFIProtect->VFI2nd 0.1965 0.1965 0.0057 34.3255 .000
***
 




Cont’d Original Sample Mean SD T-Stat.  Sig. 
VFISocial->ACO 0.0792 0.0793 0.0056 14.1982 .000
***
 
VFISocial->AHO 0.1352 0.1351 0.0055 24.6609 .000
***
 
VFISocial->FDI 0.0742 0.0741 0.0075 9.8323 .000
***
 
VFISocial->FVI 0.0985 0.0986 0.0064 15.2846 .000
***
 
VFISocial->VFI2nd 0.2009 0.2004 0.0055 36.2885 .000
***
 
VFIUnder->ACO 0.0871 0.0875 0.0063 13.7423 .000
***
 
VFIUnder->AHO 0.1486 0.149 0.0063 23.4662 .000
***
 
VFIUnder->FDI 0.0815 0.0817 0.0083 9.8265 .000
***
 
VFIUnder->FVI 0.1083 0.1088 0.007 15.3864 .000
***
 
VFIUnder->VFI2nd 0.2208 0.221 0.0046 47.5852 .000
***
 
VFIValue->ACO 0.0827 0.0831 0.0064 12.8843 .000
***
 
VFIValue->AHO 0.1412 0.1416 0.0069 20.5104 .000
***
 
VFIValue->FDI 0.0774 0.0776 0.0083 9.2781 .000
***
 
VFIValue->FVI 0.1028 0.1033 0.007 14.6133 .000
***
 
VFIValue->VFI2nd 0.2097 0.2099 0.0055 37.9809 .000
***
 
VFI2nd->ACO 0.3943 0.3959 0.0274 14.3975 .000
***
 
VFI2nd->AHO 0.673 0.6744 0.0249 27.0642 .000
***
 
VFI2nd->FDI 0.3691 0.3698 0.0374 9.8729 .000
***
 
VFI2nd->FVI 0.4902 0.4923 0.0309 15.8501 .000
***
 
Critical t-values for a two-tailed test are as follows: p = .1
*
, p = .05
**




Previous research has found ACO to be positively related to several charity 
donation categories in addition to the amount donated to those categories (Meijer, 2009) 
and AHO to be positively related to ACO (Ranganathan & Henley, 2008; Webb et al., 
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2000). As Table 8 shows, H1a and H1b are both supported, as ACO is positively and 
significantly related to both future volunteer intentions (β 0.1136) and FDI (β 0.1019). In 
addition, H2 is supported, as AHO is positively and significantly related to ACO (β 
0.5858).  
I used VFI volunteer functions to operationalize the reasons construct in this study 
and to explain important or accurate reasons for volunteering (Stukas et al., 2009) and 
what volunteers expect to receive from the experience (Clary et al., 1998; Clary et al., 
1996). According to the BRT framework, attitudes are shaped and predicted by reasons 
(reasonsattitude) (Briggs et al., 2010). The framework postulates how reasons are 
related to global motives (Westaby et al., 2010) because of the justification role they 
perform. Strong reasons for a behavior lead to positive attitudes toward that same 
behavior (Westaby et al., 2010). In addition, BRT has shown that reasons lead to global 
motives and attitudes are a global motive’s construct (Westaby, 2005a). Five of the six 
reasons hypotheses related to AHO are supported. Specifically, values (H3a; β 0.1412), 
understanding (H3b; β 0.1486), enhancement (H3c; β 0.1256), social (H3d; β 0.1352), 
and protective (H3f; β 0.1323) reasons are positively and significantly related to AHO. 
However, H3e, the career reason (β 0.0982), has a positive, statistically significantly 
relationship to AHO; the hypothesized relationship is negative and is therefore rejected.  
Recall that BRT suggests that the reason variable explains variance in intentions 
but beyond that explained by global motives (Westaby, 2005a). FVI and FDI are the two 
(generosity) behavioral intentions of interest in this study. FVI relates to the intention of 
giving time (Stukas et al., 2009), and future donation intention is the intention to donate 
money to an organization in the nonprofit sector (similar to future volunteer intentions, 
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but with money donated instead of time). All the six hypotheses related to reasons as 
drivers of the endogenous variables (i.e., FVI and FDI) are positive and significant as 
follows. Values (H4a; β 0.1028), understanding (H4b; β 0.1083), enhancement (H4c; β 
0.0915), social (H4d; β 0.0985), career (H4e; β 0.0821), and protective (H4f; β 0.0963) 
reasons are positive and significant drivers of FVI and are supported (see Table 8). 
Values (H5a; β 0.0774), understanding (H5b; β 0.0815), enhancement (H5c; β 0.0689), 
social (H5d; β.0742), career (H5e; β 0.0618), and protective (H5f; β 0.0725) reasons are 
positive and significant drivers of FDI and are supported (see Table 8).  
Blindfolding.  The last step in evaluating the structure model is blindfolding. 
Because there is not a goodness-of-fit measure for PLS-SEM like that found with CB-
SEM (which provides a measure of validation for the structural model), blindfolding is 
appropriate. It is the measure of quality (predictive relevance) of only the endogenous 
latent constructs’ indicators (Hair et al., 2011; Henseler et al., 2009) for the reflective 
constructs in the PLS-SEM. With the endogenous construct’s cross-validated redundancy 
(Q
2
 values greater than zero), the explanatory latent construct is said to exhibit predictive 
relevance (Hair et al., 2011). All the Q
2
 values reported in Table 9 are greater than zero 






Evaluation of Structural Model: βs and Impact on Hypotheses Statements 
H HYPOTHESIS STATEMENTS (β) 
ACCEPT 
REJECT 
H1a ACO is positively related to FVI. 0.1136 t=2.783*** 
 
H1b ACO is positively related to FDI. 0.1019 t=2.352*** 
 
H2 AHO is positively related to ACO. 0.5858 t=19.457*** 
 




The VFI Understanding dimension is positively related 




The VFI Enhancement dimension is positively related to 
AHO. 0.1256 t=27.611*** 
 
H3d The VFI Social dimension is positively related to AHO. 0.1352 t=24.661*** 
 




The VFI Protective dimension is positively related to 
AHO. 0.1323 t=24.771*** 
 




The VFI Understanding dimension is positively related 




The VFI Enhancement dimension is positively related to 
FVI. 0.0915 t=16.139*** 
 
H4d The VFI Social dimension is positively related to FVI. 0.0985 t=15.285*** 
 




The VFI Protective dimension is positively related to 
FVI. 0.0963 t=15.234*** 
 




The VFI Understanding dimension is positively related 
to FDI. 0.0815 t=9.827*** 
 




   













H5d The VFI Social dimension is positively related to FDI. 0.0742 t=9.832*** 
 




The VFI Protective dimension is positively related to 
FDI. 0.0725 t=9.74*** 
Critical t-values for a two-tailed test are as follows: p = .1
*
, p = .05
**





Blindfolding Construct Cross-Validated Redundancy Report 
Total SSO SSE 1-(SSE/SSO) = Q
2
 
ACO 2632 2143.0123 0.1858 
AHO 2632 1624.9047 0.3826 
FDI 1316 1079.124 0.18 
FVI 2632 2190.926 0.1676 
Note: Omission distance = 8 
 
Discussion of Essay 1 Research Results 
The purpose of this research is to build an empirically based theoretical model 
using BRT that describes the direct impact reasons have on generosity behavioral 
intentions (specifically, the drivers of FVI and FDI) as well as the indirect impact through 
attitude. This BRT model was evaluated using students attending a university in the 




In review, the following are the proposed research questions for Essay 1: 
1. How do a college student’s pre-experience reasons for participating in a service-
learning experience drive future generosity behavioral intentions? 
a. Specifically, how do a college student’s pre-experience reasons for 
participating in a service-learning experience drive 
i. FVI? 
ii. FDI? 
b. What is the impact of attitudes on the relationship between reasons and  
i. FVI?  
ii. FDI?  
In the collective college service-learning experience shared by (and more often 
being required of) college students, these experiences have societal implications post-
graduation. Will college graduates who have participated in thousands of hours of 
service-learning experiences continue to donate and volunteer as part of their future civic 
duty to nonprofit organizations (which have ever-increasing needs and ever-decreasing 
resources), as touted by colleges requiring these service-learning experiences? Little 
research exists on whether this occurs. Surprisingly, there are no calls for research to 
confirm this claim.  
Before this study, relatively little was known about how college students’ service-
learning experiences influence their generosity behavioral intentions. Using the 
conceptual framework of BRT (Westaby, 2005a), this study assesses six reason paths 
(drivers) of both attitudes and behavioral intention—specifically, the reasons that drive 
attitudes and future generosity behavioral intentions to determine which reasons drive 
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and explain AHO, FVI, and FDI the most. Contributions and theoretical and practical 
marketing implications stemming from this study are discussed in the next section, and 
conclusions and limitations and suggestions for future research follow. 
Contributions: Theoretical and Managerial Implications  
This study fills a gap in literature. Specifically, an extensive body of academic 
research to understand generosity behaviors or behavioral intentions exists, including 
what motivates people to volunteer (Davis, 2003) and to donate (Hibbert & Horne, 1996; 
Peloza & Steel, 2005; Pitt, Keating, Bruwer, Murgolo-Poore, & De Bussy, 2002; 
Ranganathan & Henley, 2008). However, there is less academic research on the impact of 
the service-learning experience on future behaviors (Tomkovick et al., 2008)—even 
though increasing numbers of colleges and universities are requiring student participation 
in service-learning experiences. Some prior evidence shows that this service-learning 
experience requirement may negatively affect generosity behaviors (Stukas, Snyder, & 
Clary, 1999). The current study does not support this concern and is the first to examine 
the service-learning experience and the drivers of future behavioral intentions, 
specifically FVI and FDI. 
The study answers calls to integrate other constructs relative to volunteering into 
the BRT framework (Westaby, 2005a) as well as to “further refine reason scales in an 
effort to maximize” the reason construct (Westaby, 2005a, p. 117). Furthermore, I 
designed this study so that the behavioral intention construct was collected at a different 
time than the other BRT constructs of study. This facet of the study provides a response 
to the challenge that “researchers should also ensure that beliefs, reasons, and global 
motives are assessed prior to intentions when testing predictive assumptions in behavioral 
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reasoning theory” (Westaby, 2005a, p. 117). Using the VFI to operationalize reasons 
(Briggs et al., 2010; Clary & Snyder, 1995; Westaby, 2005a), this study builds on (and 
extends) previous BRT research that employs only two VFI reasons constructs (Briggs et 
al., 2010) to assess AHO. The study extends that work by including all six of the VFI 
constructs as reasons to create a higher-order, multidimensional generosity reason 
construct (VFISecondOrder) and shows how the dimensions of this construct are drivers 
of both attitudes and generosity behavioral intentions. The inclusion of the behavioral 
intention construct in this study further enhances the empirical support of the BRT 
framework.  
Service-learning experiences are an important antecedent to subsequent choices 
made about generosity behaviors. As the current study indicates, reasons are antecedents 
to generosity behavioral intentions and attitude. The formative nature of these college 
experiences early in a young adult’s life is important for nonprofits and NGOs to 
understand. In addition, BRT postulates how reasons are related to global motives 
(Westaby et al., 2010) because of the justification role they perform. Strong reasons for a 
behavior lead to positive attitudes toward that same behavior (Westaby et al., 2010) and 
can be explicit (conscious) or implicit (subliminal), depending on the situation (Westaby 
et al., 2010). The reasons construct helps people justify and defend actions, and reasons 
are narrow and context specific (Westaby, 2005a). Thus, these justifications can be 
purposeful or automatic. Ajzen and Fishbein (1980) demonstrated that attitudes are 
antecedents of behavioral intentions and are shaped and predicted by reasons 
(reasonsattitude) (Briggs et al., 2010). 
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The current research indicates several students’ college service-learning 
experience reasons (using the VFI) as drivers of attitudes (AHO) and generosity 
behavioral intentions (FVI/FDI). As previously found, AHO (the broader attitudes toward 
helping or assisting people in general) is a driver of ACO (narrower attitudes toward 
specific organizations that help people). In this model, ACO is the best driver (higher 
path coefficients than any of the first-order reasons dimensions of the VFI) of both future 
generosity behavioral intentions studied, specifically future volunteer intentions and FDI 
(giving the personal and more time-intensive volunteering, as well as the less personal 
giving of money), and confirms prior work (Briggs et al., 2010; Webb et al., 2000).  
The study also finds that all the six (VFI) reasons are significant drivers of AHO. 
However, although the career reason is a positive significant driver of AHO, it is opposite 
of the hypothesized (negative) direction shown in previous research (Briggs et al., 2010). 
Contrary to the Briggs et al. (2010) finding, students are indeed gaining positive attitudes 
toward helping others (AHO) from their high career expectations (albeit to a lesser 
degree than the other reasons). Both administrators of service-learning experiences and 
nonprofit organizations can embrace and reinforce the classroom knowledge applied and 
career-related skills gained through service-learning experiences. They make good sense 
in the competitive employment arena. It makes sense that college students preparing for 
careers are carefully considering competitiveness—even though not yet involved in their 
careers. Students recognize the need to be in a competitive career mode and are able to 
see the service-learning experience as a benefit to their career reasons when it comes to 
AHO. If students’ AHO is positively affected, both ACO and future generosity 
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behavioral intentions (and behaviors) will be affected because career-related reasons are 
something they expect to obtain through the service-learning experience.  
Managerially, this study demonstrates that the certain reasons people use to justify 
their volunteer behavioral intentions may have long-term (potentially negative) 
consequences. Because this study indicates that all the six VFI reasons (values, 
understanding, enhancement, social, career, and protective) are drivers of both FVI and 
FDI, it is evident that a relationship between reasons and future behavioral intentions 
exists. Of these six reasons, career consistently had the lowest path coefficients to the 
three endogenous variables. Nonprofits need to do a better job of giving service-learning 
participants opportunities to see the experience as a way to enhance career skills and 
opportunities. Likewise, administrators of service-learning experiences can also help 
students evaluate these experiences in terms of the benefits to their careers. 
In contrast, values and understanding are the reasons consistently found to be the 
best drivers of all three of the endogenous variables (AHO, FVI, and FDI). In this study, 
the students’ other-oriented values and understanding reasons are consistently the best 
drivers of both FVI and FDI. Given that the sample is a private school where students are 
required to have a service-learning experience, it is useful to know that the service-
learning experience reasons of values and understanding are positively influencing their 
generosity behavioral intentions (and behaviors) through the experience. It should be 
heartening to civic and nonprofit organizations to know the service-learning experience 
supports students’ reasons to gain a sincere, other-oriented perspective from the 
requirement. The finding demonstrates that increased citizenship and civic behaviors may 
indeed occur as touted. 
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This sample of college students is required to have a service-learning experience 
to graduate. The university allows students to choose how they fulfill this requirement. 
From the results of this study, students and service-learning experience administrators 
seem to be doing a good job matching reasons and expectations with the experience. If 
reasons are not taken into consideration and matched with a student’s expectations before 
a service-learning experience, the potential exists for potentially negative implications for 
future (generosity) behavioral intentions and, according to TPB and BRT, future 
(generosity) behaviors.  
Although the social and enhancement reasons are drivers of both FVI and FDI, it 
is consistently to a lesser degree than values and understanding. A reason for 
volunteering is to increase one’s personal social interactions, in the required service-
learning experience, but this is occurring to a lesser degree. In contrast, donations are 
relatively private, nonsocial activities and, as a reason in the service-learning experience, 
also occur but are not as much of a driver as values and understanding. Enhancement and 
protective reasons also are drivers of FVI and FDI. Both of these reasons have an ego 
protective function. Giving both time and money allows people to reduce guilt over being 
more fortunate than others and to feel better about themselves—both by giving money, 
which requires little effort, and by volunteering where they will come face to face with 
those who are less fortunate than themselves. The positive, though weak, relationships 
indicate that the ego protective function may still be in the process of being developed in 
students.  
These results have implications for administrators of the college service-learning 
experience. Administrators would be well served to seek comprehensive information 
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from service-learning experience participants about BRT components underlying 
behavioral intentions —especially the rich sets of reasons offered through the VFI. This 
information could readily be collected before a student’s first college service-learning 
experience using a survey. Common pedagogy practices used in colleges and universities 
have evaluated students’ service-learning experiences in terms of applied knowledge, but 
not future civic behaviors or behavioral intentions of which generosity behaviors and 
behavioral intentions are included. Because attitudes drive future generosity behavioral 
intentions and reasons shape attitudes, universities (and organizations) should work with 
students and develop service-learning experiences that more closely match the students’ 
reasons (meet expectations/align with reasons) for participating in the service-learning 
experience to allow them to maintain positive attitudes toward helping others. Thus, the 
more service-learning experience programs help students meet these 
expectations/reasons, the more positive students’ attitudes will be and the more likely 
they will participate in FVI and FDI.  
From a pedagogical standpoint, institutions of higher education that align their 
service-learning experiences with the reasons for and expectations of students who 
participate in service-learning experiences are more likely to maximize the academic and 
civic benefits of the experience—truly a win-win-win for students, colleges, and 
nonprofit organizations. The reasons match is especially important, given that a 
match/mismatch with the experience side of service-learning experiences may have 
(potentially negative) long-term implications regarding reasons for/against future 
generosity behavioral intentions. With this same rationale, faculty involved in service-
learning instruction should align their course objectives and learning outcomes with 
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students’ BRT-related reasons (expectations) for volunteering and service-learning 
experience options offered. They may also need to clearly manage expectations regarding 
the service-learning experience to further minimize the negative relationships. 
Conclusions 
This study evaluates BRT in the context of the service-learning experience, using 
reason constructs from the VFI, and the results provide support for the theory. The 
potential value of the theory is also supported because of its ability to explain variance in 
generosity behavioral intentions and identifies which reasons are the best drivers of 
attitudes. A benefit of this research is that it validates using the VFI as a means to assess 
the reasons construct in BRT (Clary et al., 1998; Westaby, 2005a) and as drivers of 
attitudes, FVI, and FDI. Furthermore, support is provided for the existence of a 
multidimensional, higher-order generosity construct comprised of the six VFI constructs 
used in this study. 
The results from this study provide practical insight into the mechanisms 
underlying college students’ intentions to volunteer and donate in the future. In the 
context of these decisions, the results showed that students use their reasons to inform 
both their attitudes and behavioral intentions. Attitudes, in turn, influenced students’ 
intentions to volunteer/donate, which fully supports other behavioral intention models. 
Thus, this study shows that BRT components explain a robust set of linkages underlying 
students’ generosity behavioral intentions 
In the short run, nonprofit organizations would be well advised to work with 
colleges to match student service-learning experience expectations and promote (market) 
their organizations in ways that more closely match what it is that college students, as 
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well as volunteers and donors, want. It is important to assess the reasons that are 
important to them. Knowing why people volunteer or donate and who is volunteering and 
donating are important factors for nonprofit organizations in the pursuit of recruiting the 
right people to do the right job for an extended period as well as to finding sustaining 
donors. Because of the lifetime value involved, when an organization has that donor of 
time or money, it is imperative to retain them, encourage them to donate more 
hours/money, and keep volunteers from burning out (Fuertes & Jiménez, 2000).  
Sophisticated marketing tools require the organizations using them to know 
something about their target market. Knowing something about this market and 
developing marketing communications that target people's attitudes and specific reasons 
result in changes in behavioral intentions and ultimately behavior (Westaby, 2005a). This 
study provides the kind of information that can be used to focus marketing 
communications targeting college students’ specific reasons for participating in service-
learning experiences—resulting in positive experiences and favorable behavioral 
intentions. People stay, or stay longer (Clary, Snyder, & Ridge, 1992), in organizations 
when their motivations and expectations match (Gidron, 1985) and are more satisfied 
when they perceive congruence between their role expectation and actual experience 
(Peterson, 2004; Stevens, 1991). In the long run, nonprofit organizations, whose aim is to 
develop lifelong relationships with students as well as develop long-term relationships 
with volunteers and donors in general, can use these findings and the study itself to 
recruit and retain volunteers by focusing on the salient functions of these generosity 




Limitations and Future Research  
As is the case with any research study, there are some limitations. The sample is 
from one private university that requires a service-learning experience, which limits its 
generalizability. The service-learning experience requirement may also contribute to the 
homogeneity of the responses to the survey questions resulting in the higher degree of 
multicollinearity found among the indicators in the first-order construct. 
The timing of the pre-/post-service-learning experience was only one semester, 
limiting the temporal separation of the exogenous and endogenous dependent constructs. 
As with any survey requiring pre-/post-matching of surveys, the final sample could only 
include participants who fully completed both surveys and the student identification 
numbers were matched from the pre- to the post-experience survey responses.  
For greater generalizability, this study could be extended to include a national 
sample and/or examine cross-cultural/sub-cultural similarities and differences in terms of 
college-level service-learning experiences. Institutional-, program-, and discipline-based 
idiosyncrasies also deserve attention. Longitudinal studies, comparing freshmen and 
seniors, or even alumni, would further contribute to the literature. In addition, a national 
service organization or geographically dispersed, multi-university study that includes 
colleges that do and do not require service-leaning experiences to graduate should be 
considered.  
There are several opportunities to extend BRT research. The antecedent to reasons 
(beliefs/values) is not included. Of the three aspects of the global motives construct 
(attitudes, perceived control, and subjective norms), only attitudes are evaluated. Future 
studies should include measures of perceived control and subjective normative measures 
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as well as beliefs/values construct in the BRT framework to test the complete BRT 
model.  
Future studies using the constructs included in these existing survey instruments, 
and this theoretical framework, should consider adding other formative indicators and 
constructs. In addition, construct measures should be reevaluated and created to be 
uniformly reflective or uniformly formative, because a construct comprising both types of 
indicators must be treated as reflective as is the case in this study. Also regarding the 
constructs, additional studies should further examine the higher-order generosity 
construct (similar to the VFISecondOrder used here) to validate it as a construct. 
Considering the existence of the positive (instead of negative as hypothesized) 
relationship between the VFI career reason and AHO, researchers should also reconsider 
this predicted relationship. They could assess the potential positive impact the career 
reason has in college students, because career had previously been found to have a 
negative relationship to AHO. Although a positive relationship exists, it is the weakest 
reason driver. It is likely that students view the required service-learning experience as 
somewhat contributing to their career skills and have either mixed expectations or are not 
receiving clear information as to what to expect from their service learning experiences in 
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ESSAY 2: SATISFACTION OR TOTAL MATCH INDEX: COLLEGE STUDENTS’ 
POST-SERVICE LEARNING EXPERIENCE REASONS AS SIGNIFICANT 
DRIVERS OF GENEROSITY BEHAVIORAL INTENTION 
Introduction 
In an era of economic recession, the mission of nonprofit organizations has never 
been more important. The needs of potential beneficiaries are growing exponentially, and 
the ability of nonprofit organizations to meet those needs is in jeopardy. It is increasingly 
difficult for nonprofit organizations to generate funding and to identify and enlist 
volunteers from within their communities (Bussell & Forbes, 2002). Wymer et al. (2006) 
contend that focused and concentrated branding and marketing efforts are needed for 
nonprofits to increase their visibility within their communities and to increase the number 
of volunteers and donor awareness. Nonprofits are likely to be hard-pressed to use these 
tactics in ways that produce meaningful results.  
Fortunately, for nonprofits located in college towns, universities are increasingly 
formalizing service-learning experience requirements in an effort to promote civic 
engagement behaviors among tomorrow’s future leaders. Schine (1997) contended that 
college service-learning promotes the development of the habits and attitudes of 
constructive citizenship in students. The hope is that involving students in positive 
service-learning experiences during their formative years will instill participants with a 
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sense of responsibility to serve after graduation. Tomkovick et al. (2008) pointed out that 
little is known about the decision process with regard to generosity behaviors or 
intentions after graduation. Even less is known regarding how college-sponsored service-
learning experiences affect the students’ future generosity behavioral intentions. Thus, 
the purpose of this study is to compare two post-experience measures (satisfaction and 
total match index [TMI]) as reported by students who engaged in service-learning 
experiences to determine which measure best predicts future generosity behavioral 
intentions. Satisfaction is defined as a function of expectation and expectancy 
disconfirmation (Oliver, 1980) post an experience. The TMI is a reasons-based measure 
developed to assess volunteers’ post-service-learning experience functional benefits or 
environmental affordances (hereinafter, EA) compared with their pre-service-learning 
experience VFI, effectively a feedback loop.  
Statement of Purpose 
The purpose of this research is to gain an understanding of which of the two 
proposed driver models of generosity behavioral intentions included in this study is the 
better driver of generosity behavioral intentions. Drawing on previous BRT research 
(Costa-Font et al., 2008; Lee et al., 2007; Sarif & Shiratuddin, 2010; Wagner & Westaby, 
2009; Westaby, 2005a, 2005b, 2006; Westaby & Fishbein, 1996), this research proposes 
two models with two post-service-learning experience reasons (feedback loop) constructs 
as direct drivers of generosity behavioral intentions. In addition, this essay examines the 
effect of attitudes in each of these driver models.  
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Research Questions  
1. How do a college student’s post-experience reasons for participating in a service-
learning experience drive future generosity behavioral intentions? 
a. Specifically, how does a college student’s post-experience satisfaction 
reason for participating in a service-learning experience drive  
i. FVI? 
ii. FDI? 
b. Specifically, how does a college student’s post-experience TMI reason for 
participating in a service-learning experience drive  
i. FVI? 
ii. FDI?  
2. What is the impact of attitudes on the relationship between satisfaction (reason) and  
a. FVI? 
b. FDI? 
3. What is the impact of attitudes on the relationship between TMI reasons and  
a. FVI? 
b. FDI? 
4. Is satisfaction a better predictor of  
a. FVI than the TMI? 
b. FDI than the TMI? 
A thorough review of the literature reveals that no empirical research using the BRT 
framework to examine the satisfaction or TMI constructs as drivers of generosity 
behavioral intentions exists.  
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Conceptual Framework and Hypotheses 
 
This study uses BRT as its foundation. According to Westaby (2005a), behavior 
intention models such as BRT uphold that attitudes toward behavior and subjective norms 
plus perceived control predict intentions (cf. TPB and TRA) and intentions approximate 
behavior. In short, BRT extends the model Westaby describes by incorporating beliefs, 
reasons, global motives, intentions, and behavior. In addition, BRT demonstrates how 
behavior reinforces reasons through a feedback loop. By adding the reasons construct, 
BRT serves to explain additional variance while also predicting behavioral intentions. 
The use of BRT in business research is well established (Briggs, Peterson, & Gregory, 
2010; Kim, Kim, Myoung, & Lee, 2010; Song, Uy, Zhang, & Shi, 2009; Wagner & 
Westaby, 2009; Westaby, 2005a, 2005b, 2006).  
BRT—Behavioral Intentions.  The BRT reinforces that intentions are critical 
determinants of behavior, consistent with extant behavioral intentions models (cf. Ajzen, 
1991; Ajzen & Fishbein, 1980; Fishbein & Ajzen, 1975). Fishbein and Ajzen (1975, p. 
288) define intention as a “person’s location on a subjective probability dimension 
involving a relation between himself and some action.” Intentions mediate the effect of 
global motives in the prediction of behavior in the BRT model. Consistent with Westaby, 
Probst, and Lee (2010) and Essay 1, Essay 2 begins with reasons for and against 
behavioral intentions rather than behavior.  
BRT—Global Motives.  Westaby (Westaby, 2005a, 2005b, 2006) documented the 
importance of global motives in influencing intentions in BRT. Furthermore, Westaby 
(2005a) reported that global motives (attitudes, subjective norms, and perceived control) 
predict intentions and intentions approximate behavior. Briggs et al. (2010) used the 
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attitudinal dimension of global intentions as a dependent variable to test BRT. Their 
results indicate that global motives are related to reasons.  
BRT—Reasons.  Westaby (2005a, p. 98) reported that reasons influence “global 
motives and intentions, because they help individuals justify and defend their actions.” 
By including reasons, Sarif and Shiratuddin (2010) contended that the TPB is extended 
and the value of behavioral decision-making theories is increased. According to Westaby 
et al. (2010), reasons are a function of whether expectations are met. Reasons provide an 
accurate explanation or justification of a behavior. In summary, reasons provide insight 
into a person’s decision making and behavior because reasons include context-specific 
motivations for and against behavior. Thus, reasons serve as critical psychological 
determinants of behavior in BRT.  
As Westaby (2005a, p. 100) proposed, reasons, unlike global motives, “are more 
narrowly focus[ed] on the cognitions people use to explain their behavior.” Therefore, 
reasons may provide numerous context-specific explanations for behavior, whereas 
global motives do not. Furthermore, Westaby (2005a, p. 98) reports that “a person may 
use several context-specific reasons to explain his or her behavior, in contrast to the 
person’s global attitudes toward the behavior.” But reasons can be used to predict global 
motives by examining justification and defense mechanisms (Westaby, 2005a). Thus, 
reason “mechanisms” can be used to predict intentions in addition to behavioral 
intentions explained by global motives.  
BRT—Beliefs/Values.  Westaby (2005a, p. 102) contends beliefs are subjective 
and the “beliefs people have about an expected outcome and the value of those 
outcomes” affect motivation. Decision heuristics and/or automated processing may lead 
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to beliefs/values deferring directly to global motives rather than going through the 
traditional processing step involving reasons. Rokeach (1973, p. 5) defined values as 
“enduring beliefs that a given behavior or outcome is desirable or good.” Though 
enduring, values are known to change with age, a contention supported by previous 
research (e.g., Belk, 1985; Crosby, Gill, & Lee, 1984). However, the beliefs/values 
construct is not used in this study because beliefs/values are too broad and not restricted 
to the context of a behavior. 
Generosity.  Collett and Morrissey (2007, p. 1) offer this definition of generosity: 
“freely giving of one's financial resources, time, and talents, [including], for example, 
charitable financial giving, volunteering, and the dedication of one's gifts for the welfare 
of others or the common good.” Generosity includes behaviors such as volunteering, 
monetary donations, blood donation, signing up to be an organs/tissue donor, 
giving/gifting of goods and services. Horton-Smith (1981, pp. 22–23) defines individual 
volunteerism as follows:  
Individuals doing things that are not bio-socially determined (e.g., eating, 
sleeping), nor economically necessitated (e.g., paid work, housework, home 
repair), nor socio-politically compelled (e.g., paying one’s taxes, clothing oneself 
before appearing in public), but rather that is essentially (primarily) motivated by 
altruism. 
 
Intrinsic satisfaction derived from the activity (donation) is thought to drive 
altruistic or generosity behavior. Alternatively, altruism may be defined as an 
individual’s desire to serve the community (Horton-Smith, 1981; Mesch, Tschirhart, 
Perry, & Lee, 1998).  
The consumer behavior literature includes investigations of both volunteer 
behavior and donating to nonprofits (Pho, 2004; Wymer et al., 2006; Wymer & Starnes, 
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2001). Volunteerism is considered a leisure activity and, as Stukas, Snyder, and Clary 
(2008) reported, increases social capital while helping people and communities function 
better. Assuming a person’s time is finite, generosity and volunteer behavior may affect 
their ability to participate in other leisure activities. The trade-off is between perceived 
intrinsic and extrinsic rewards. This research builds and compares two empirically based 
theoretical models, both of which use BRT (Figure 6). It also describes the direct impact 
different post-experience reasons have on generosity behavioral intentions as well as 
indirectly through attitude. Because BRT includes a feedback loop from behavior to 
reasons, Essay 2 compares these two models using different post-service-learning 
experience measures of reasons and considers whether satisfaction is a better driver of 
generosity behavioral intentions than the TMI. Essay 2 begins with Model 1 
(satisfaction), followed by Model 2 (TMI). Given the overlap between the two models, 
only the description for TMI is included in the analysis of Model 2.  
Endogenous Variables 
Generosity Behavioral Intentions.  Intentions approximate behavior in BRT, 
consistent with other behavioral intention models such as the TPB and TRA. The two 
behavioral intentions models in this study include two generosity behavioral intentions: 
FVI and FDI. 
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Figure 6. BRT Conceptual Model with Feedback Loop 
Attitude.  It is well established that attitudes are antecedents of behavioral 
intentions (Ajzen & Fishbein, 1980; Batra, Homer, & Kahle, 2001; Homer & Kahle, 
1988; 2005a). Westaby (2005a) has shown that reasons lead to global motives and 
attitudes constitute a global motives construct in BRT. Thus, as Briggs et al. (2010) 
reported, attitudes are shaped and predicted by reasons. This study operationalizes the 
construct of global motives as AHO and ACO.  
ACOBehavioral Intentions.  Consistent with Essay 1, Essay 2 investigates the 
relationship between AHO and ACO and between ACO and the (generosity) behavioral 
intentions of FVI and FDI. Webb et al. (2000) indicate that ACO and AHO are related to 
donor behaviors and behavioral intentions. Previous research has found AHO to be 
positively correlated with perceptions about the coverage of social issues in business 
classes (Sleeper, Schneider, Weber, & Weber, 2006). Ranganathan and Henley (2008) 
reported that ACO is an important determinant of intentions (to donate) precisely because 
AHO alone is not a significant predictor of behavior and that ACO is an important 
determinant of intent to donate. ACO has also been found to be positively related to the 
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number of charity donation categories and to the amount donated to those categories 
(Meijer, 2009). Thus, the following is hypothesized for Model 1: 
H1: ACO is positively related to the generosity behavioral intention of (a) FVI 
and (b) FDI. 
 
AHOACO.  Consistent with Essay 1, Webb et al., 2000 framed the relationship 
between these attitudes constructs as an attitude toward a behavior (helping others, or 
AHO) and an attitude toward a target (charitable organization, or ACO), similar to Eagly 
and Chaiken (1993). Furthermore, Webb et al. (2000) argued that people with high AHO 
have more than one way to attain the goal of helping others, including through charitable 
organizations, and theorized that ACO was predicted by AHO. In a study using AHO 
without ACO, researchers found AHO to be positively correlated with perceptions about 
the coverage of social issues in business classes (Sleeper, Schneider, Weber, & Weber, 
2006). If charitable organizations help those who need it by using the resources given to 
them (from volunteers and donors) to assist those whom the organization serves (i.e., 
transfers help from donors of time and money to beneficiaries of the organizations) 
(Bendapudi, Singh, & Bendapudi 1996), positive AHO will result in positive ACO. 
Indeed, Briggs et al. (2010) and Ranganathan and Henley (2008) specifically examined 
the relationship of the AHO and ACO attitudes constructs and found AHO to be 
positively related to ACO.  Therefore, for Model 2: 
  H2: AHO is positively related to ACO. 
Exogenous Variables 
Reasons.  In BRT, Westaby (2005a) defined reasons in BRT as the specific 
subjective factors individuals use to explain their behavior. Furthermore, BRT postulates 
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that reasons are strongly related to global motives (Westaby, 2005a) given their role in 
influencing justifications. Previous research has found that strong reasons influence 
positive attitudes toward the motives for that behavior (Westaby et al., 2010) because of 
the justification role they perform. Research has also found that strong reasons for a 
behavior lead to positive attitudes toward the same behavior motives (Westaby et al., 
2010). The processing of reasons can be explicit (conscious) or implicit (subliminal), 
depending on the situation (Westaby et al., 2010); in other words, justifications for 
behavior can be purposeful or automatic. The reasons construct is classified into three 
categories: (1) future-oriented reasons, conceptualized as anticipated reasons; (2) 
concurrent reasons, which explain behaviors currently being executed; and (3) post hoc 
reasons, which explain behavior after it is or is not executed.  
Reasons perform several functions; they justify and defend anticipated, current, or 
past behaviors and behavioral intentions. This justification, in turn, protects a person’s 
self-concept (Westaby et al., 2010). In this study, reasons is operationalized in two post-
service-learning experience models (using past behavior) that include the feedback loop. 
Subsequently, I use these models to determine which serves as a better driver of 
generosity behavioral intentions and attitudes.  
In Model 1, the reasons construct is operationalized as satisfaction (discussed 
subsequently). In Model 2, the reasons construct is operationalized as the TMI and is 
discussed after satisfaction (see Appendix B for a comparison and Appendix C for all 
definitions of constructs used in this essay). 
ReasonsAHO.  In BRT, reasons serve as an antecedent and predictor of 
attitudes (Westaby et al., 2010). As operationalized in Model 1, researchers have found 
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that satisfaction influences attitudes directly (Oliver, 1980). As operationalized in Model 
2, the TMI has been shown to directly affect behavioral intentions and affective reaction 
(Stukas, Worth, Clary, & Snyder, 2009). The VFI, which is used in the calculation of the 
TMI, has been shown to influence perceived attitude change, affective reactions, attitudes 
(Clary et al., 1998), and, more specifically, AHO and ACO (Briggs et al., 2010). Thus, I 
hypothesize that both the post-experience satisfaction and post-experience TMI reasons 
will have a positive relationship to attitude; specifically in Model 1: 
H3: Satisfaction is positively related to AHO. 
 
Satisfaction as Post-Experience Reasons.  Satisfaction is defined as a function of 
expectation and expectancy disconfirmation (Oliver, 1980). Disconfirmation and 
satisfaction are positively correlated such that satisfaction occurs when “actual outcomes 
exceed expectations (positive disconfirmation)” and are “dissatisfied when expectations 
exceed outcomes (negative disconfirmation)” and “just satisfied (zero or simple 
disconfirmation) when outcomes match expectations” (Szymanski & Henard, 2001, p. 
17). Expectations are activated through disconfirmation (i.e., do not happen until after 
exposure, behavior, or action) (Oliver, 1980), can be active or passive (van Raaij, 1991), 
and are an outcome of a cognitive (decision making) process (Oliver, 1980). In other 
words, regarding satisfaction, people have context-specific expectations and make 
decisions “about alternatives with uncertain outcomes, and they have to judge the 
consequences of their present choices” (van Raaij, 1991, p. 415), or they create reasons 
for or reasons against a particular choice and may or may not be satisfied based on their 
expectation and participation in the behavior. In addition, as Oliver (1999) found and the 
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BRT feedback loop would subsequently demonstrate, satisfaction can be updated (easily 
and significantly) in every new experience. 
Westaby (2005a, p. 216) called for further research to “extend behavioral 
reasoning theory by examining additional contextual antecedents of behavior, based upon 
well-grounded theory and research.” This call is the basis for using satisfaction in Model 
1 because satisfaction leading to behavioral intentions and to attitudes is well-
documented in literature. Indeed, a literature search identifies numerous studies using the 
TPB to evaluate satisfaction (customer satisfaction) as an important determinant of 
behavioral intention. For example, Cronin, Brady, and Hult (2000) found that satisfaction 
led to behavioral intention (service quality, value, and satisfaction), and Mittal and 
Kamakura (2001) showed that, though it may decrease over time, a link exists between 
satisfaction and intention. 
As part of the traditional view of consumer satisfaction and attitudes, Bearden and 
Teel (1983) found that satisfaction correlated with attitudes (post-purchase) and found a 
strong relationship between attitudes and intentions within time periods. Suh and Yi 
(2006) found that customer satisfaction led to brand attitude under different levels of 
(product) involvement, and Bolton and Drew (1991) found a link between 
disconfirmation as result of an experience (feedback loop) and attitudes such that 
favorable disconfirmation (satisfaction) experiences have positive effects on customer 
attitudes (which lead to behavioral intentions). Because satisfaction fulfills the 
requirements of the BRT definition of reasons (active or passive, reason for/against, and 
context specific), includes the feedback loop, and has been shown to influence both 
attitudes and behavioral intentions, reasons is operationalized as satisfaction in Model 1.
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 ReasonsGenerosity Behavioral Intentions.  Because students will have 
participated in an service-learning experience, the reasons measure includes the feedback 
loop from behavior to reasons, as is hypothesized in the BRT, and captures both reasons 
for and reasons against generosity behavioral intentions. To incorporate the feedback 
loop within this study, I operationalize the reasons construct as reasons for/against 
behavioral intentions in two models—one using satisfaction and the other using TMI.  
From a theoretical position, reasons directly and positively influence behaviors 
and behavioral intentions and have been empirically demonstrated in several studies 
using BRT (e.g., Costa-Font, Rudisill, & Mossialos, 2008; Kim et al., 2010; Lee, 
Westaby, Chyou, & Purschwitz, 2007; Wagner & Westaby, 2009). Satisfaction and TMI 
are post-service-learning experience measures. Researchers have found that both 
measures predict behavioral intentions and incorporate the feedback loop. Satisfaction 
assesses specific factors volunteers use to explain their anticipated behavior for/against 
behavioral intentions, and the TMI is an explicit measure of the match between reasons 
for/against a behavior as a cognitive evaluation of the experience based on those reasons. 
It is hypothesized that satisfaction and TMI (as BRT reasons) will lead to generosity 
behavioral intentions such that for Model 1: 
 H4: Satisfaction is positively related to (a) FVI and (b) FDI.  
 
TMI as a Post-Experience Reasons.  In Model 2, the reasons construct is 
operationalized using the TMI. In the discussion of BRT, Westaby (2005a) describes the 
Clary et al. (1998) functional motivation research as a reason-based theory (like BRT) 
and the VFI as measures of reasons for volunteering at nonprofit organizations. The VFI 
is used in research to provide insight into the underlying functions of why people 
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volunteer (Clary et al., 1998)—that is, reasons (Westaby, 2005a) as used in Essay 1. The 
VFI examines the extent to which the six VFI volunteer functions (values, understanding, 
enhancement, social, career, and protective, as fully defined in Appendix C) explain 
important or accurate reasons for volunteering (Stukas et al., 2009) and what volunteers 
expect to receive from the experience (Clary et al., 1998; Clary, Snyder, & Stukas, 1996). 
The VFI explores how much volunteer experiences align with volunteer expectations and 
addresses the importance of this alignment or match between people’s motivations 
(expectations) and opportunities provided by the situation’s contexts to fulfill motivations 
(Clary et al., 1998). The VFI has been used as the measure of the BRT reasons construct 
to empirically test these BRT relationships (Briggs et al., 2010). 
As an extension of the VFI, the TMI is also a reasons-based measure developed to 
assess volunteers’ post-service-learning experience functional benefits or EA compared 
with their pre-service-learning experience VFI, effectively a feedback loop. The TMI 
includes the same six volunteer functions as the VFI and measures the match/mismatch 
between the VFI and actual experience. Specifically, Stukas et al. (2009, p. 8) posited 
that “volunteers who (a) find more of the functional approach’s six motivations to be 
important and who (b) see that more of those motives can be satisfied by affordances in 
the volunteer activity” will have outcomes that are more positive “than volunteers who 
either have less motivation or see less opportunity” and found this to be true. In creating 
and using this index, Stukas et al. (2009) captured the aggregated effect of multiple 
motives (important and unimportant, satisfied and unsatisfied) on volunteering outcomes. 
By aggregating the effect on these multiple motives, the authors were able to fill the gap 
they believed that prior VFI-only functional analyses could not fill.  
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A multiplicative index for calculating a volunteer’s total number of matches 
across the six VFI functional motivation categories creates a congruence score. These 
congruence scores formatively create the TMI. The use of a multiplicative index 
(congruence score) also allows the researcher to assess the aggregate effect of the 
multiple reasons for volunteering. The TMI has been shown to predict FVI and positive 
and negative emotional experiences with volunteering. Indeed, the TMI has been shown 
to predict behavioral outcomes better than motives or affordances alone (Stukas et al., 
2009). Moreover, the TMI is a post-service-learning experience measure and directly 
incorporates the behaviorreasons feedback loop within the BRT.  
Model 2 Hypotheses.  Given the task of determining the difference between the 
models, the prudent methodology is to hold all hypotheses and antecedents constant. 
Therefore, the preceding section describes all but the final hypothesis (TMI). Restated for 
Model 2: 
H5: ACO is positively related to the generosity behavioral intention of (a) FVI 
and (b) FDI. 
 
H6: AHO is positively related to ACO. 
 
H7: TMI is positively related to AHO. 
 
H8: TMI is positively related to (a) FVI and (b) FDI. 
 
Additional Research Question.  This research assesses whether satisfaction 
(Model 1) provides a better driver model to predict generosity behavioral intentions than 
TMI (Model 2).  
Methodology 
The key goals of this study are to predict target constructs (endogenous variables) 
and determine whether Model 1 (using satisfaction) is a better, more parsimonious driver 
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of the endogenous variables. I chose PLS-SEM over CB-SEM for several reasons. First, 
although a CB-SEM approach could be used with formative measures, the construct must 
have both reflective and formative indicators to meet identification requirements (Hair et 
al., 2011) and Model 2 using the TMI only has formative indicators. Second, research has 
indicated that satisfaction (Model 1) is not be normally distributed (Hurley & Estelami, 
1998), making it a candidate for PLS-SEM. Last, PLS-SEM  is a component-based least 
squares alternative and is more robust than CB-SEM: Because CB-SEM is a full-
information procedure, one incorrectly specified structural path or one construct with 
weak measures could affect other estimates throughout a CB-SEM (Chin, Peterson, & 
Brown, 2008). Therefore, a covariance CB-SEM approach is not appropriate for this 
study, and I use PLS-SEM (Hair et al., 2011). Appendix D contains the list of indicators 
for both models. 
Assessment of Constructs: Reflective or Formative.  In both Models 1 and 2, the 
endogenous variables of FVI and FDI are determined to be reflective; likewise, the 
endogenous variables of AHO and ACO in both models are also reflective. Although 
research has shown that satisfaction (Model 1) is not normally distributed (and thus is a 
candidate for PLS-SEM analysis), it is a reflective exogenous variable. In contrast, the 
exogenous variable TMI (Model 2) is an index and, applying the previously mentioned 
decision rules, is determined to be formative. Figures 7 and 8 present all the reflective 






Figure 7. Model 1: Showing Reflective Relationships 
 
Figure 8. Model 2: Showing Reflective and Formative Relationships 
Measures—Endogenous Variables 
Generosity Behavioral Intentions.  I measured the generosity behavioral intentions 
FVI and FDI with four items in the post-service-learning experience survey. Future 
volunteering is a dependent variable assessed using an adaptation of the Stukas et al. 
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(2009) scale. This two-item scale is anchored by 1 = not at all likely and 7 = extremely 
likely. The items include (1) “How likely is it that you will be volunteering for this 
organization in one year?” and (2) “How likely is it that you will be volunteering for a 
different organization in one year?” Additional volunteer intention measures included 
these same questions but questioned how likely it is that participants will be volunteering 
for (3) “this” and a (4) “different” organization after graduation. 
In the post-survey, FDI is a dependent variable assessed with two items using 
similar scales as the FVI measures and is anchored by 1 = not at all likely and 7 = 
extremely likely. The items are (1) “How likely is it that you will donate to this 
organization after you graduate?” and (2) “How likely is it that you will donate to 
another organization after you graduate?” Appendix E provides a complete list of 
measures used in the survey instrument. 
Attitude.  I collected the attitudes measures using an adapted nine-item measure 
of AHO and ACO (Webb et al., 2000). These measures, found in Appendix E, are 
assessed in the post-experience survey using a seven-point scale where 1 = strongly 
disagree and 7 = strongly agree. They include, for example, (1) “People should be 
willing to help others who are less fortunate,” (2) “Helping troubled people with their 
problems is very important to me,” (3) “The money given to nonprofit organizations goes 
for good causes,” and (4) “My image of charitable organizations is positive” Appendix E 
includes the complete questionnaire.  
Measures—Exogenous Variables 
Reasons in Model 1—Satisfaction.  I assessed volunteer satisfaction in a post-
service-learning experience survey using a five-item adaptation of Omoto’s and Snyder’s 
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(1995) seven-point scale that rates a specific dimension of satisfaction regarding the 
service-learning experience (e.g., “Overall, I am satisfied with my experience as a 
volunteer”). Appendix E provides a complete list of measures used in the survey 
instrument. 
Reasons in Model 2—TMI. This study uses the TMI developed by Stukas et al. 
(2009) as the independent variable in Model 2. The TMI requires the measurement of the 
pre-service-learning experience VFI followed by a post-service-learning experience 
measure of EA. The VFI and EA values create a score that constitutes the TMI. The VFI 
is adapted from and measures the six motivations of volunteerism (i.e., reasons for 
volunteering). The TMI is linked to these six functional motivations measuring EA using 
a scale adapted from Stukas et al. (2009).  
Specifically, the VFI is an adapted 29-item Clary et al. (1998) scale. The VFI is 
used as a pre-service-learning experience survey measure in which all but one of the six 
functional dimensions of volunteering is measured with five items using a seven-point 
scale anchored by 1 = not at all and 7 = extremely and assesses how important or how 
accurate each dimension (reason) for volunteering is for the respondent. The six 
constructs within the VFI include values, understanding, enhancement, social, career, and 
protective (for the complete instrument, see Appendix E).  
I collected EA post-service-learning experience and measured it using an 
adaptation of the Stukas et al. (2009) scale with six constructs. The 12-item scale is 
linked to the six dimensions of the VFI. Each dimension is measured with two items 
using a seven-point scale anchored by 1 = not at all accurate and 7 = extremely accurate 
(Appendix E). I calculated the TMI by multiplying the VFI score on a given dimension 
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by the EA score (i.e., experience score) on the same dimension, creating a congruence 
score used to create the formative TMI construct.  
PLS-SEM Model Evaluation 
Figures 9 and 10 represent the inner and outer models for each model in this 
study. Evaluating the inner and outer models are the two main steps in PLS-SEM 
analysis. The first step assesses the measurement model (outer model) and shows the 
relationships among indicators and the latent variables. The second step assesses the 
structural model (inner model) and shows the relationship among latent variables (Hair et 
al., 2011; Henseler & Fassott, 2010). The structural model is assessed if the analysis in 
the first step meets measurement and significance requirements (Hair et al., 2011). The 
constructs in Model 1 (shown in Figure 9) are reflective and follow the Hair et al. (2011) 
RoT for reflective measurement models. In contrast, the TMI construct in Model 2 
(Figure 10) is an index and meets the definition of a formative measure (Hair et al., 
2011). The structural models (Figure 11) show all the constructs, and their hypotheses. 
The analysis uses SmartPLS (Ringle, Wende, & Will, 2005). 
Reflective Measurement Model Evaluation and Analysis.  To measure a reflective 
measurement model, the researcher must consider validity and reliability. Validity refers 
to how well (how accurately) reflective constructs are defined by their measures.  
Reliability and internal consistency are measured by construct (composite) reliability. 
Reliability refers to the consistency of the measures. Reliability takes into account the 
consistency of research findings and is associated with multi-item (multi-indicator) 
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Figure 9.  Model 1 Inner and Outer Model 
scales, as used in this research. The stronger the correlation among these indicators, the 
stronger the correlation and the higher the reliability (Hair et al., 2010). 
Figure 10. Model 2 Inner and Outer Models 
 
Indicator Reliability.  Internal consistency reliability assesses whether measures 








































































































































be retained. In certain circumstances, indicators with loadings between 0.40 and 0.70 may 
be retained on the basis of face, content, or expert validity, but those less than 0.40 must 
be removed (Hair et al., 2011). One indicator is less than 0.40 and is deleted in both 
Models 1 and 2 (ACO2MoneyWasted_Post, 0.2125 and 0.2126 respectively). 
Composite Reliability.  Tables 10 and 11 show the composite reliabilities for 
Models 1 and 2 in the overview reports. The composite reliabilities for the reflective 
constructs in both Models 1 and 2 are greater than 0.85 in each model and are considered 
acceptable (Hair et al., 2011) in both exploratory and advanced research. The Cronbach’s 
alphas (see Tables 10 and 11) for both Models 1 and 2 are all greater than 0.77. I did not 
use them as the reliability indicator for this research because they tend to underestimate 
internal consistency reliability (Henseler, Ringle, & Sinkovics, 2009).  
 
Figure 11: Models 1 and 2 with Hypotheses 
 
Convergent Validity.  Convergent validity assesses the extent to which a construct 
is positively correlated with the other indicators of the same construct. Convergent 
validity is evaluated using the AVE. An adequate degree of convergent validity is 
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demonstrated with AVEs of 0.50 or greater (Hair et al., 2011). As Table 10 shows for 
both Model 1 and Model 2, all the reflective measurements for Models 1 and 2 have 
AVEs greater than 0.50.  
Table 10 
 Overview Reports: Models 1 and 2 








ACO-P 0.7837 0.9354 0.4985 0.9078 
AHO-P 0.8282 0.9507 0.2614 0.9308 
FDI 0.8173 0.8995 0.2645 two items 
FVI 0.6044 0.8592 0.4112 0.7864 
Satisfaction 0.8928 0.9831 0 0.9799 
      
Model 2 
ACO-P 0.7837 0.9354 0.4985 0.9078 
AHO-P 0.8283 0.9507 0.1807 0.9308 
FDI 0.8173 0.8994 0.2645 two items 
FVI 0.6032 0.8586 0.4383 0.7815 
 
Discriminant Validity.  Discriminant validity evaluates the degree to which the 
construct is not correlated with measures different from it (Hair et al., 2010) and is 
distinct from those constructs. To assess discriminant validity, I examined cross-loadings 
using the Fornell and Larcker (1981) criterion. Appendix I shows the correlation matrix 
for both models. Tables 11 and 12 present the squared correlations matrix that includes 
the AVEs (shown on the diagonal) for each reflective measure for Models 1 and 2, 
respectively. In each model, the AVE for each latent construct is greater than each of the 
latent construct's highest squared correlation with any other latent variable. In addition, 
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no indicator’s loadings are higher than any of its cross-loadings for either Model 1 or 
Model 2. 
Table 11 
Model 1 Test for Discriminant Validity: Fornell-Larcker Criterion 
   ACO-P  AHO-P  FDI  FVI Satisfaction 
ACO-P 0.7837     
AHO-P 0.4986 0.8282    
FDI 0.1707 0.1981 0.8173   
FVI 0.1912 0.2281 0.5118 0.6044  
Satisfaction 0.3235 0.2614 0.2371 0.4024 0.8928 
Squared correlations with the diagonal representing the AVE 
Formative Measurement Model Specification and Analysis.  Although it is not 
common for multicollinearity to exist among the indicators in formative measurement 
models, it is possible and must first be evaluated using a VIF analysis. A VIF of less than 
10 is considered acceptable; however, the lower the VIF, the better. Per Hair et al. (2011), 
a VIF of less than 5 should be the cut-off for retaining indicators in formative 
measurement models. In this study, the highest formative indicator had a VIF of 1.68, 
well below the threshold of 5. Next, I used the bootstrapping resampling method to assess 
the relative importance of indicator loadings and weights. When neither weights nor 
loadings are significant, the indicator must be further evaluated for removal from the 
model (Hair et al., 2011). All weights in Model 1 are acceptable; however, in Model 2, 
the ZTValue indicator’s weight (two-tailed) has a level of significance greater than 0.1 
(0.11). To determine whether to eliminate the construct from the formative model, I 
examined the loading for the item in question. The loading is significant at the .00 level. 
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Because of the significance of the construct’s loading and its theoretical importance in 
the model, I retained it (Hair et al., 2011). 
Table 12 
Model 2 Test for Discriminant Validity: Fornell-Larcker Criterion 
   ACO-P  AHO-P  FVI  FDI 
ACO-P 0.7837   
 
AHO-P 0.4984 0.8283  
 
FDI 0.1699 0.1969 0.8173 
 
FVI 0.1895 0.2237 0.5137 0.6032 
Squared correlations with the diagonal representing the AVE  
Bootstrapping.  I used 658 cases for bootstrapping, the number of samples is 
5,000, and I removed one indicator (the same indicator) from both Models 1 and 2. 
Tables 13 and 14 show the bootstrapping loadings for relationship values for Models 1 
and 2, respectively. Table 15 shows the bootstrapping weights for the formative model 
(Model 2). All the indicators for both Models 1 and 2 had t-values greater than 1.96 and 
are significant at the .05 level. Although PLS-SEM is not a co-variance based model and 
no strong assumptions are required with it regarding data and sample size, the cases 
exceed the suggested minimum requirement (658) and the bootstrapping samples follows 












ZACO1$GoodCause_Post <- ACO_P 0.8458 0.8446 0.0137 61.7635 
ZACO3NonProfSuc_Post <- ACO_P 0.9044 0.9042 0.0093 97.1727 
ZACO4NonProfUsef_Post <- ACO_P 0.8956 0.8953 0.0143 62.6872 
ZACO5PosImage_Post <- ACO_P 0.8941 0.8937 0.0118 75.4835 
ZAHO1LessFort_Post <- AHO_P 0.9025 0.9024 0.0092 98.5609 
ZAHO2HelpTroubPeop_Post <- AHO_P 0.9152 0.9147 0.0095 96.2524 
ZAHO3CharToOth_Post <- AHO_P 0.9346 0.9346 0.0061 153.1831 
ZAHO4SupFrOth_Post <- AHO_P 0.8874 0.887 0.0119 74.5485 
ZDonate1ThisGrad <- Fut.Don.Int. 0.9024 0.9026 0.0112 80.7581 
ZDonate2DifGrad <- Fut.Don.Int. 0.9056 0.9059 0.0102 88.5441 
ZGenSatis1_Cont <- Satisfaction 0.9448 0.9445 0.0084 111.9652 
ZGenSatis1_Grat <- Satisfaction 0.9648 0.9647 0.0038 254.2289 
ZGenSatis1_Happy <- Satisfaction 0.9692 0.9692 0.0041 239.2011 
ZGenSatis1_LookFor <- Satisfaction 0.8912 0.8899 0.0156 57.2429 
ZGenSatis1_OvrallExp <- Satisfaction 0.9283 0.9281 0.0121 76.5163 
ZGenSatis1_Plsd <- Satisfaction 0.9664 0.9663 0.0041 237.3485 
ZGenSatis1_Rewrd <- Satisfaction 0.9468 0.9465 0.0077 122.5124 
ZVol1This1Yr <- Fut.Vol.Int. 0.8058 0.8062 0.0177 45.4601 
ZVol2ThisGrad <- Fut.Vol.Int. 0.7366 0.7368 0.0238 30.9926 
ZVol3Dif1Yr <- Fut.Vol.Int. 0.7715 0.7717 0.0243 31.7108 











ZACO1$GoodCause_Post<-ACO_P 0.846 0.8465 0.0128 66.0302 
ZACO3NonProfSuc_Post<-ACO_P 0.9044 0.9046 0.0091 98.907 
ZACO4NonProfUsef_Post<-ACO_P 0.8955 0.8954 0.0147 61.0629 
ZACO5PosImage_Post<-ACO_P 0.8941 0.8939 0.0121 73.6025 
ZAHO1LessFort_Post<-AHO_P 0.9006 0.9005 0.0105 85.9571 
ZAHO2HelpTroubPeop_Post<-AHO_P 0.9154 0.9154 0.0098 93.3204 
ZAHO3CharToOth_Post<-AHO_P 0.9342 0.9343 0.0065 144.1335 
ZAHO4SupFrOth_Post<-AHO_P 0.8895 0.8895 0.0113 78.4586 
ZDonate1ThisGrad<-Fut.Don.Int. 0.9074 0.9075 0.0092 98.9645 
ZDonate2DifGrad<-Fut.Don.Int. 0.9006 0.9002 0.0119 75.7585 
ZTCareer->TMI 0.7602 0.7562 0.0361 21.0672 
ZTEnhance->TMI 0.9446 0.938 0.0176 53.766 
ZTProtect->TMI 0.7736 0.7701 0.0338 22.8802 
ZTSocial->TMI 0.884 0.8773 0.0273 32.4392 
ZTUnderstand->TMI 0.9512 0.9455 0.0164 58.0283 
ZTValue->TMI 0.8457 0.8395 0.0321 26.3427 
ZVol1This1Yr<-Fut.Vol.Int. 0.8217 0.8212 0.0148 55.6242 
ZVol2ThisGrad<-Fut.Vol.Int. 0.7569 0.7567 0.021 36.0187 
ZVol3Dif1Yr<-Fut.Vol.Int. 0.7519 0.7502 0.025 30.0945 












ZACO1$GoodCause_Post<-ACO_P 0.2744 0.2753 0.0095 28.9307 
ZACO3NonProfSuc_Post<-ACO_P 0.2794 0.279 0.0074 37.9418 
ZACO4NonProfUsef_Post<-ACO_P 0.278 0.2777 0.0084 33.1826 
ZACO5PosImage_Post<-ACO_P 0.2978 0.2974 0.0082 36.3869 
ZAHO1LessFort_Post<-AHO_P 0.2692 0.2691 0.0061 44.326 
ZAHO2HelpTroubPeop_Post<-AHO_P 0.2835 0.2835 0.0054 52.8696 
ZAHO3CharToOth_Post<-AHO_P 0.2781 0.2782 0.0051 54.6582 
ZAHO4SupFrOth_Post<-AHO_P 0.2678 0.2679 0.0061 43.5744 
ZDonate1ThisGrad<-Fut.Don.Int. 0.5624 0.5627 0.0195 28.9089 
ZDonate2DifGrad<-Fut.Don.Int. 0.5437 0.5434 0.0176 30.809 
ZTCareer->TMI 0.108 0.1154 0.0652 1.6567 
ZTEnhance->TMI 0.2779 0.2728 0.1236 2.248 
ZTProtect->TMI 0.1071 0.1117 0.0658 1.6259 
ZTSocial->TMI 0.1754 0.175 0.0892 1.9656 
ZTUnderstand->TMI 0.3102 0.3127 0.1306 2.3754 
ZTValue->TMI 0.1447 0.1497 0.0914 1.5828 
ZVol1This1Yr<-Fut.Vol.Int. 0.3706 0.3708 0.0171 21.7191 
ZVol2ThisGrad<-Fut.Vol.Int. 0.3211 0.3222 0.0162 19.7666 
ZVol3Dif1Yr<-Fut.Vol.Int. 0.2965 0.2955 0.0151 19.6306 




Structural Model Assessment and Assessment of R
2
.  I examined the structural 
model using the R
2
 measures and path coefficients. Although some researchers note there 
is no generalizable threshold for R
2
 (see Handbook of PLS), the R
2 
for constructs in 
Model 1 range from 0.26 to 0.49 (Table 16) and are all considered just under moderate 
(.50) in a marketing research context (Hair et al., 2011). The R
2
 for the constructs in 
Model 2 range from 0.18 to 0.49 (Table 17). Although ACO, FVI, and FDI in Model 2 
are also considered moderate, the R
2 
for AHO is 0.18 and is weak in a marketing research 
context (Hair et al., 2011).
 
Table 16 









ACO-P 0.7837 0.9354 0.4985 0.9078 
AHO-P 0.8282 0.9507 0.2614 0.9308 
FDI 0.8173 0.8995 0.2645 0.7764 
FVI 0.6044 0.8592 0.4112 0.7864 
Satisfaction 0.8928 0.9831 0 0.9799 
 
Assessment of Path Coefficients.  To test the hypotheses, I evaluated the path 
coefficients. For both Models 1 and 2, all six hypotheses tested in each model are 
statistically significant (t-values and associated significance are included in Tables 18 and 
19, respectively). Table 20 shows the hypotheses and associated path coefficients (β) for 
Models 1 and 2. All hypotheses in each model are significant and positive as 














ACO-P 0.7837 0.9354 0.4985 0.9078 
AHO-P 0.8283 0.9507 0.1807 0.9308 
FDI 0.8173 0.8994 0.2645 0.7764 




Model 1 Inner Model Bootstrapping Output for Model as a Result of Reflective Model 
Measurement Specification 
 Original Sample Sample Mean SD T-Stat. 
ACO-P FDI 0.2014 0.2017 0.0406 4.963*** 
ACO-P FVI 0.113 0.1143 0.0339 3.331*** 
AHO-P ACO-P 0.7061 0.704 0.0239 29.5289*** 
Satisfaction AHO-P 0.5113 0.5099 0.034 15.0294*** 
Satisfaction FDI 0.3724 0.3726 0.0395 9.434*** 
Satisfaction FVI 0.5702 0.571 0.0317 18.0029*** 






Model 2 Inner Model Bootstrapping Output for Model as a Result of Reflective Model 
Measurement Specification 
 Original Sample Sample Mean SD T-Stat. 
ACO-P FDI 0.2686 0.2677 0.0384 6.9899*** 
ACO-P FVI 0.2025 0.2015 0.0323 6.2615*** 
AHO-P ACO-P 0.706 0.7064 0.0254 27.7988*** 
TMIAHO-P 0.4251 0.4269 0.0359 11.8568*** 
TMIFDI 0.3396 0.3458 0.0395 8.6004*** 
TMIFVI 0.5505 0.5549 0.0327 16.8245*** 
Critical t-values for a two-tailed test are as follows: p = .10*, p = .05**, and p = .01***. 
 
Impact of Path Analysis on Hypotheses.  I found that ACO is a significant and 
positive driver of both FVI and FDI in both models and is supported (H1a, β 0.113 and 
H1b, β 0.2014, and H5a, β 0.2025, and H5b, β 0.2686, respectively). In addition, 
hypotheses corresponding to AHO as a driver of ACO in Models 1 and 2 are also positive 
and significant and thus are supported (H2, β 0.7061 and H6, β 0.706, respectively). 
Satisfaction (Model 1) and TMI (Model 2) are drivers of AHO and are positive, 
significant, and supported (H3, β 0.5113 and H7, β 0.4251 respectively). Model 1 (see 
Table 20) indicates that both the hypotheses related to the satisfaction reason as a driver 
of the dependent variables FVI and FDI are positive and significant and thus are 
supported (H4a, β 0.5702 and H4b, β 0.3724). Likewise, in Model 2 (see Table 20), both 
the hypotheses related to the TMI driver of the dependent variables FVI and FDI are 
significant and positive and thus are supported (H8a, β 0.5505 and H8b, β 0.3396).  
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Future volunteering intention relates to the generosity behavioral intention to 
participate in unpaid work (donate time) in an organization in the nonprofit sector. The 
reasons construct helps people justify and defend their actions and are narrow and context 
specific (Westaby, 2005a). Future donation intention is the intention to donate money to 
an organization in the nonprofit sector (and is similar to the generosity behavioral 
intention of FVI, except that money rather than time is donated). 
Post-experience reasons operationalized as satisfaction in Model 1 are a function 
of expectation and expectancy disconfirmation (Oliver, 1980). As stated previously, 
people have context-specific expectations and make decisions “about alternatives with 
uncertain outcomes, and they have to judge the consequences of their present choices” 
(van Raaij, 1991, p. 415), or they create reasons for or reasons against a particular choice 
and may or may not be satisfied on the basis of their expectation and participation in the 
behavior. Satisfaction fulfills the requirements of the BRT definition of reasons (active or 
passive, reason for/against, context specific), and it has been shown to influence both 
attitudes and behavioral intentions. 
Post-experience reasons, operationalized as TMI, is an extension of the VFI, 
which is a reasons-based measure, and assesses volunteers’ post-service-learning 
experience functional benefits of the experience, EA, compared with their pre-service-
learning experience—effectively, a feedback loop. The TMI includes the same six 
volunteer functions as the VFI (assessed in Essay 1) and measures the match/mismatch 
between the VFI and actual experience. Per Stukas et al. (2009, p. 8), “volunteers who (a) 
find more of the functional approach’s six motivations to be important and who (b) see 




Models 1 and 2 Evaluation of Structural Model, βs, and Impact on Hypotheses 
Statements 
 HYPOTHESIS STATEMENTS ᵦ 
ACCEPT 
REJECT 
Model 1–H1a ACO is positively related to the generosity 




ACO is positively related to the generosity 




ACO is positively related to the generosity 




ACO is positively related to the generosity 
behavioral intention of FDI. .2686 t=6.9899*** 
Model 1–H2 
 
AHO is positively related to ACO .7061 t=29.5289*** 
Model 2–H6 
 
AHO is positively related to ACO .706 t=27.7988*** 
Model 1–H3 
 
Satisfaction is positively related to AHO .5113 t=15.029*** 
Model 2–H7 
 
TMI is positively related to AHO .4251 t=11.8568*** 
Model 1–H4a 
 
Satisfaction is positively related to FVI. .5702 t=18.003*** 
Model 2–H8a 
 
TMI is positively related to FVI. .5505 t=16.8245*** 
Model 1–H4b 
 
Satisfaction is positively related to FDI. .3724 t=9.434*** 
Model 2–H8b 
 
TMI is positively related to FDI. .3396 t=8.6004*** 
Critical t-values for a two-tailed test are as follows: p = .10*, p = .05**, and p = .01***. 
 
have outcomes that are more positive “than volunteers who either have less motivation or 
see less opportunity.” In creating and using this index, Stukas et al. (2009) were able to 
capture the aggregated effect of multiple motives (important and unimportant, satisfied 
and unsatisfied) on volunteering outcomes and were able to fill the gap they believed 
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prior VFI-only functional analyses could not fill. The TMI has been shown to predict 
behavioral outcomes better than motives or affordances alone (Stukas et al., 2009).  
Blindfolding.  The last step of evaluating the structure model in the process is 
blindfolding. Because there is no goodness-of-fit measure for PLS-SEM similar to that 
found with CB-SEM (which provides a measure of validation for the structural model), 
blindfolding is done and is the measure of quality (predictive relevance of only the 
endogenous latent constructs’ indicators; Hair et al., 2011; Henseler et al., 2009) for the 
reflective constructs in the PLS-SEM. With the endogenous construct’s cross-validated 
redundancy (Q
2
 values greater than zero), the explanatory latent construct is considered 
to exhibit predictive relevance (Hair et al., 2011). Tables 21 and 22 show the Q
2
 values 
for the latent constructs in Models 1 and 2, respectively. On the basis of Hair et al., 
(2011), all the Q
2
 values in both models are greater than zero and, therefore, exhibit 
predictive relevance. Furthermore, AHO has weak predictive relevance in Model 2 but 
moderate relevance in Model 1. FDI and FVI are moderate in both models and ACO is 
strong in both models. 
Table 21:  
Model 1 Blindfolding Construct Cross-Validated Redundancy Report 
Total SSO SSE 1-(SSE/SSO) = Q
2
 
ACO-P 2632 1659.653 0.3694 
AHO-P 2632 2092.044 0.2052 
FDI 1316 1052.135 0.2005 
FVI 2632 2007.975 0.2371 




Table 22  
Model 2 Blindfolding Construct Cross-Validated Redundancy Report 
Total SSO SSE 1-(SSE/SSO) = Q
2
 
ACO-P 2632 1660.06 0.3693 
AHO-P 2632 2255.551 0.143 
FDI 1316 1046.387 0.2049 
FVI 2632 1984.49 0.246 
Note: Omission distance = 8 
 
Additional Research Question.  I posed an additional research question to assess 
whether satisfaction reasons were better drivers of future generosity behavioral intentions 
than TMI. Because satisfaction is a widely used consumer behavior measure and 
satisfaction constructs are both robust and parsimonious, satisfaction may be a better 
predictor of generosity behavioral intentions than the less utilized and substantially 
lengthier TMI measures. To test this, I used a multigroup test comparing the betas for 
each of the paths (Chin et al., 2008). Table 23 shows the results of this analysis. For 
Models 1 and 2, I found no difference in the explanatory values for reasons and either of 
the generosity behavioral intentions. However, there is a significant difference in the 
models between two paths: the path between reasons and attitudes and the path between 
attitudes and one generosity behavioral intention (FVI). Satisfaction reason had a higher 
beta than did TMI reason for both the path to AHO (0.5113) and that to FVI (0.5702). 
The R
2
 value for FVI in Model 1 is 0.4112 and is lower than Model 2 (0.4383). However, 
the R
2
 value for AHO in Model 1 is higher than Model 2 (0.2614 and 0.1807 
respectively). Overall, given the closeness of the performance of the two models and the 
112 
 
ease of operationalizing satisfaction, the more parsimonious satisfaction model (Model 1) 
is a viable option. 
Table 23 
Multigroup Test Results (Chin et al., 2008) 
BRT Relationship p-value Significance 
Attitude (ACO-P)-->BI (FDI) 0.1145 Non-significant 
Attitude (ACO-P)-->BI (FVI) 0.0279 Significant 
Attitude (AHO-P)-->Attitude (ACO-P) 0.424 Non-significant 
Reason-->Attitude (AHO-P) 0.0406 Significant 
Reason-->BI (FDI) 0.2784 Non-significant 
Reason-->BI (FVI) 0.3325 Non-significant 
 
Discussion of Essay 2 Research Results 
 
Through the use of BRT, the purpose of this research was to build two empirically 
based theoretical models that describe the direct impact of different post-experience 
reasons on the drivers of FVI and FDI (generosity behavioral intentions) as well as the 
indirect impact through attitude. These models are compared to determine which model is 
a better driver of FVI and FDI and to understand the role of attitudes in the models. I 
evaluated these two BRT models using students attending a university in the northeastern 
United States.  
In review, the following are the examined research questions for Essay 2: 
1. How do a college student’s post-experience reasons for participating in a service-
learning experience drive future generosity behavioral intentions? 
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a. Specifically, how does a college student’s post-experience satisfaction 
reason for participating in a service-learning experience drive  
i. FVI? 
ii. FDI? 
b. Specifically, how does a college student’s post-experience TMI reason for 
participating in a service-learning experience drive  
i. FVI? 
ii. FDI? 
2. What is the impact of attitudes on the relationship between satisfaction and  
a. FVI? 
b. FDI? 
3. What is the impact of attitudes on the relationship between TMI and  
a. FVI? 
b. FDI? 
4. Is satisfaction a better predictor of  
a. FVI than the TMI? 
b. FDI than the TMI? 
In the collective college service-learning experience shared by (and more often 
being required of) college students, these experiences have societal implications post-
graduation. As touted by colleges requiring service-learning experiences, will college 
graduates who have participated in thousands of hours of service-learning experiences 
continue to donate and volunteer as part of their future civic duty to nonprofit 
organizations (which have ever-increasing needs and ever-decreasing resources)? Little 
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research exists on whether this occurs, and surprisingly, there are no calls for research to 
confirm this claim.  
Before this study, relatively little was known about how college students’ service-
learning experiences influence their generosity behavioral intentions. The studies in this 
essay compare two models using the conceptual framework of BRT (Westaby, 2005a) 
that suggest reasons for a behavior influence (and drive) attitudes and behavioral 
intentions. Likewise, reasons that include the feedback loop post-experience and that are 
shaped by that experience also influence and drive attitudes and behavioral intentions. 
Model 1 assesses satisfaction as reasons, and Model 2 assesses the TMI as reasons. Both 
models assess reasons as drivers of attitudes and future generosity behavioral intentions 
to determine whether satisfaction (Model 1) explains AHO, FVI, and FDI better than the 
TMI (Model 2).  
As in Essay 1, the studies in Essay 2 found that reasons in both models are indeed 
drivers of AHO, and ACO is a driver of both the future generosity behavioral intentions 
studied—FVI and FDI. As previously found, AHO (the broader attitudes toward helping 
or assisting people in general) is positively related to ACO (a narrower construct that 
involves attitudes toward specific organizations that help people). However, satisfaction 
as reasons (Model 1) explains about the same amount of variance (R
2
) as Model 2 (TMI 
as reasons) for all constructs except FVI and is a more parsimonious model (and a more 
common construct). In addition, Model 2 explains approximately 6% more of the FVI 
than does Model 1. Contributions and practical marketing implications stemming from 
the research are discussed in this section, and limitations and suggestions for further 
research are put forth in the next section. 
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Contributions: Theoretical and Managerial Implications  
As is the case in Essay 1, the studies in Essay 2 also fill a gap in literature. 
Specifically, an extensive body of academic research to understand generosity behaviors 
or behavioral intentions exists, including what motivates people to volunteer (Davis, 
2003) and to donate (Hibbert & Horne, 1996; Peloza & Steel, 2005; Pitt, Keating, 
Bruwer, Murgolo-Poore, & De Bussy, 2002; Ranganathan & Henley, 2008). Surprisingly, 
there is less academic research on the impact of the service-learning experience on future 
behaviors (Tomkovick et al., 2008), even though increasing numbers of colleges and 
universities are requiring student participation in service-learning experiences. Although 
some evidence shows that this service-learning experience requirement may negatively 
affect generosity behaviors (Stukas, Snyder, & Clary, 1999), the studies in Essay 2 did 
not support this concern. The studies in Essay 2 are also the first to regard satisfaction 
and TMI reasons in the service-learning experience as drivers of future behaviors, 
specifically FVI and FDI. In both Models 1 and 2, I find that reasons are positively 
related to both future generosity behavioral intentions studied. 
The examinations in Essay 2 also attempt to gain insight into the reasons and 
attitudes that drive future generosity behavioral intentions; however, reasons is 
operationalized in two distinct ways. First, Model 1 uses satisfaction, which builds on 
customer satisfaction research with the traditional links of customer satisfaction to both 
attitudes and behavioral intention. These relationships are the same as those proposed in 
BRT, except that satisfaction is a post-experience measure and part of the feedback loop. 
Second, satisfaction (as used in Model 1) fits the definition of reasons in BRT, with the 
advantage of being a traditional survey measure with which most people are familiar. 
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However, this reason measure in BRT is more parsimonious than either the VFI or the 
TMI, and using it supports the call to examine the relationship between people's reasons 
for or against a given position (Westaby & Fishbein, 1996; Westaby, Fishbein, & Aherin, 
1997). This essay also builds on research that has previously used the VFI to 
operationalize constructs in BRT research. As an extension of the VFI, I used the TMI to 
operationalize reasons in BRT in Model 2 
In BRT, the reasons construct helps people justify and defend actions and are 
narrow and context specific (Westaby, 2005a). Model 2 builds on (and extends) previous 
BRT research using VFI reasons constructs (Briggs et al., 2010) with the inclusion of the 
TMI (Stukas et al., 2009)—an extension of the VFI. The study in Model 2 also extends 
the Briggs et al. (2010) work by including all six of the VFI constructs captured by the 
pre-/post-experience TMI measures. Models 1 and 2 compare the two operationalizations 
of reasons, and both models include BRT’s behavioral intention construct and feedback 
loop, further enhancing the empirical support of the BRT framework. As is the case with 
the study in Essay 1, Essay 2 also answers calls to integrate other constructs involving 
volunteering in the BRT framework (Westaby, 2005a) as well as to “further refine reason 
scales in efforts to maximize” the reason construct (Westaby, 2005a, p. 117). Again, 
because part of the behavioral intention construct in Model 2 (TMI) is collected at a 
different time than the other BRT constructs of the study, Essay 2 also provides a 
response to the challenge that “researchers should also ensure that beliefs, reasons, and 
global motives are assessed prior to intentions when testing predictive assumptions in 
BRT” (Westaby, 2005a, p. 117).  
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The reasons construct helps people justify and defend actions and is narrow and 
context specific (Westaby, 2005a). In Essay 2, I found that students’ reasons (service-
learning experience satisfaction and TMI) assessed after the service-learning experience 
(feedback loop and context specific) are drivers of generosity behavioral intentions (both 
FVI and FDI). This finding implies that the more service-learning experience programs 
help students meet these expectations/reasons, the more likely they will be to participate 
in FVI and FDI. Both satisfaction and TMI influence FVI and FDI directly as well as 
AHO. Moreover, AHO is a driver and affects ACO directly. These research findings are 
also consistent with prior research (Briggs et al., 2010; Webb et al., 2000) and BRT. 
Although I did not test for mediation, because reasons predict AHO, AHO predicts ACO, 
and ACO predicts both FVI and FDI in both models, mediation should be tested in 
further studies. In Model 1, the more satisfied students are with the service-learning 
experience, the better. Administrators of service-learning experiences and nonprofit 
organizations should pay attention to matching students’ service-learning experience 
expectations to their service options to obtain or improve satisfaction as well.  
Managerially, this study addresses the concern that certain reasons, attitudes, and 
experiences people use to justify their volunteer behavior may have long-term 
(potentially negative) consequences. I found that reasons in both models were related to 
FDI and FVI, providing further evidence that the relationship between reasons and future 
behavioral intentions exists. However, TMI reasons in which expectations (pre-service-
learning experience) and EAs (post-service-learning experience) were assessed (Model 2) 
explains slightly more of the variance in the FVI than satisfaction reasons (Model 1) 
directly. However, satisfaction is a more parsimonious and more familiar measure and 
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could be used throughout the service-learning experience to assess degree of satisfaction 
with specific aspects of the service-learning experience or to realign students’ 
expectations and experiences to minimize the negative impact on future behavioral 
intentions. 
 The findings in these two studies support BRT and show that reasons are direct 
drivers of future generosity behavioral intentions. Service-learning experiences are an 
important antecedent to subsequent choices made about generosity behaviors. As this 
study indicates, reasons are also important antecedents to generosity behavioral 
intentions. The formative nature of these early student experiences is important for 
nonprofits and NGOs, which rely on people interested in and committed to community to 
lead and staff their organizations. In addition, the research shows support for the both 
satisfaction and the TMI as a valid means to assess the reasons. Furthermore, if these 
reasons are not taken into consideration and matched with a student’s expectations before 
a service-learning experience, there will be (potentially negative) implications for future 
(generosity) behavioral intentions and, according to TPB and BRT, future (generosity) 
behaviors.  
In BRT, the reasons construct helps people justify and defend actions and are 
narrow and context specific (Westaby, 2005a). The results from this study provide 
practical insight into the mechanisms underlying college students’ intentions to volunteer 
and donate in the future. In the context of these decisions, results showed that students 
use their reasons to inform both their attitudes and behavioral intentions. Attitudes, in 
turn, influenced students’ future behavioral intentions to volunteer and donate, which 
fully supports other behavioral intention models. Thus, this study shows that reasons 
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operationalized as either satisfaction or TMI explain another set of linkages underlying 
students’ generosity behavioral intentions and attitudes.  
Moreover, BRT postulates how reasons are related to global motives (Westaby et 
al., 2010) because of the justification role they perform. Strong reasons for a behavior 
lead to positive attitudes toward that same behavior motives (Westaby et al., 2010) and 
can be explicit (conscious) or implicit (subliminal), depending on the situation (Westaby 
et al., 2010). Furthermore, these justifications can be purposeful or automatic. Ajzen and 
Fishbein (1980) demonstrated that attitudes are antecedents of behavioral intentions. 
Utilizing the BRT framework, attitudes are shaped and predicted by reasons 
(reasonsattitude) (Briggs et al., 2010). The current study uses AHO and ACO to assess 
BRT’s attitudes construct. As mentioned previously, AHO is “a global and relatively 
enduring evaluation with regard to helping or assisting other people” and represents a 
broad attitude toward a behavior, and ACO is “a global and relatively enduring 
evaluations with regard to the nonprofit organizations [nonprofit organizations] that help 
individuals” (Webb et al., 2000, p. 300) and is an attitude toward a target, which is 
consistent with the Eagly and Chaiken (1993) conceptualization of attitude. The results in 
this essay indicate that ACO is a driver of both FVI and FDI, and AHO (the broad 
attitude) is a driver of ACO. Specifically, attitude (ACO) is related to both future 
generosity behavioral intentions, that of giving money and the personal and more time-
intensive volunteering, and supports prior findings in which attitudes were positively 





This study evaluates BRT, in the context of the service-learning experience, using 
two reason constructs. The results provide support for the BRT. The potential value of the 
use of satisfaction and the TMI as BRT reasons is also supported because of the ability to 
explain variance in attitudes and generosity behavioral intentions. However, satisfaction 
is the more parsimonious and more familiar consumer behavior construct. With a more 
traditional mode of managing service-learning experience, volunteer and donor 
satisfaction makes good sense 
These results have implications for administrators of college service-learning 
experiences. Administrators of the service-learning experience would be well served to 
seek comprehensive information from service-learning experience participants about 
BRT components—especially the rich sets of VFI and TMI reasons underlying 
behavioral intentions. This information could readily be collected before a student’s first 
college service-learning experience with a survey. Alternatively, and similar to other 
consumer behavior models, administrators should focus on the salient features of the 
service-learning experience to ensure satisfaction. Common pedagogy practices used in 
colleges and universities have evaluated students’ service-learning experiences in terms 
of applied knowledge but not future civic behaviors, in which generosity behaviors are 
included. Because attitudes drive future generosity behavioral intentions and reasons 
shape attitudes, universities (and nonprofit organizations) should work with students and 
develop service-learning experiences that more closely match the students’ reasons (meet 
expectations/reasons) for participating in, and satisfaction with, the service-learning 
experience to allow students to maintain positive attitudes toward helping others and their 
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future generosity behavioral intentions. In other words, the more service-learning 
experience programs help students meet these expectations (TMI reasons) and improve 
satisfaction as part of the feedback loop, the more likely students will participate in FVI 
and FDI and maximize the academic and civic benefits of the experience, as college 
administrators tout. The reasons match is especially important given that a 
match/mismatch with the experience side of service-learning experiences may have long-
term implications regarding reasons for/against future generosity behavioral intentions. 
With this same rationale, faculty involved in service-learning instruction should align 
their course objectives and learning outcomes with students’ BRT-related reasons 
(expectations) for volunteering and service-learning experience options offered. 
In the short run, nonprofit organizations would be well advised to focus on 
matching the expectations of their volunteers and donors and on the satisfaction of these 
stakeholders. Managers of nonprofit organizations could also market and promote their 
organizations in ways that more closely match what college students, and volunteers and 
donors, want and/or indicate is important to them in terms of participation in volunteer 
experiences and how donations are used. Knowing why people volunteer or donate and 
who is volunteering and donating are important factors for nonprofit organizations in the 
pursuit of recruiting the right people to do the right job for an extended period, as well as 
finding sustaining donors. Because of the lifetime value of a customer (volunteer or 
donor in this case), when an organization obtains that donor of time or money, it is 
imperative to retain them, encourage them to donate more hours/money, and keep 
volunteers from burning out (Fuertes & Jiménez, 2000).  
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Sophisticated marketing tools require the organizations using them to know 
something about their target market, and marketing communications that target people's 
attitudes and specific reasons result in changes in behavioral intentions and, ultimately, 
behavior (Westaby, 2005a). This study provides the kind of information that can be used 
to focus marketing communications targeting college students’ specific reasons for 
participating in service-learning experiences—resulting in positive experiences and 
favorable behavioral intentions. People stay, or stay longer (Clary, Snyder, & Ridge, 
1992), in organizations when their motivations and expectations match (Gidron, 1985) 
and are more satisfied when they perceive congruence between their role expectation and 
actual experience (Peterson, 2004; Stevens, 1991). In the long run, nonprofit 
organizations aiming to developing lifelong relationships with students, as well as 
developing long-term relationships with volunteers and donors in general, can use these 
findings and the study itself to recruit and retain volunteers by focusing on the salient 
functions of these generosity behavioral intentions. 
Though not a part of the hypotheses, studying the weights (betas) for the TMI 
scores that formatively combine to create the TMI construct enables examination of the 
relative contribution of each score to the model. Because the weights are standardized 
betas, they can be interpreted as such. The construct ZTUnderstand contributes to the 
TMI weight for the understanding reason and is the largest contributor to the model with 
a beta of 0.3102. This reason is followed by ZTEnhance (the enhancement reason), with a 
weight of 0.2779, and ZTSocial (the social reason), with a weight of 0.1754. The index 
with the lowest contribution was ZTCareer (career) with a weight of 0.1080. From this 
analysis of the TMI index, the results reveal that the students’ reasons with the highest 
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weights are understanding and enhancement followed by social as reasons in this model. 
The respondents are the least interested in the career reason of the service-learning 
experience.  
Limitations and Future Research 
As is the case with any research study, there are some limitations. The sample is from one 
private university that requires a service-learning experience, which limits its 
generalizability. The timing of the pre-/post-service-learning experience was only one 
semester, limiting the temporal nature of the behavioral feedback loop. As with any 
survey requiring pre-/post-matching of surveys, the nature of the participant attrition 
could prove to be a challenge because only completed and matched pre- and post-
experience survey responses could be used. Of the three aspects of the global motives 
construct (attitudes, perceived control and subjective norms), only attitudes is evaluated.  
 For greater generalizability, this study could be extended to include a national 
sample and/or examine cross-cultural/sub-cultural similarities and differences in terms of 
college-level service-learning experiences. Institutional-, program-, and discipline-based 
idiosyncrasies also deserve attention. Longitudinal studies, comparing freshmen and 
seniors, or even alumni, would further contribute to the literature. In addition, a national 
service organization or geographically dispersed, multi-university study would be 
worthwhile.  
There are several opportunities to extend BRT research. The timing of the 
pre/post-service-learning experience in the current study was one semester; a longer-term 
study could better evaluate the temporal nature of the behavioral feedback loop. This 
longer-term study could also provide a greater understanding of the impact of the 
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feedback loop in the generation of reasons. Only one aspect of the global motives 
construct (i.e., attitudes) is evaluated in Models 1 and 2. Researchers in the future should 
include measures of perceived control and subjective normative measures. In addition, 
future studies could also include measures of the belief/values construct in the BRT 
framework to test the complete BRT model.  
Future studies using the constructs included in these existing survey instruments, 
and this theoretical framework, should consider adding other formative indicators to 
include in those determined to be formative constructs. Moreover, construct measures 
should be evaluated and/or created to be uniformly reflective or uniformly formative, 
because a construct may not comprise both types of indicators. When this occurs, 
constructs are treated as reflective. 
Finally, researchers should examine further the contribution of six constructs that 
formatively create the TMI to evaluate further their specific contribution to the TMI. 
Researchers may also want to evaluate both satisfaction and the TMI in the same model, 
because a benefit of this research is that it demonstrates that there is no difference in the 
performance of the reasons construct leading to generosity behavioral intentions in two 
separate models. However, because the TMI requires both pre- and post-evaluations and 
satisfaction does not, satisfaction as reasons is the more parsimonious measure and 
should be considered in the evaluation of service-learning experience programs and 
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Appendix B: Comparison of Behavioral Intentions Models 
 

















Reasons help people 




can be active or 
passive) 
Clary (1998) VFI/Stukas (2009) TMI Briggs et al (2010) 
Values  
 
 Express values related to wanting to help 
(altruism) and concern for others 
(humanitarian).  
An expression of other-
oriented function such as 
altruism/humanitarian 
concerns for others 
served by volunteerism. 
Understanding  
 
 Provide learning experiences and the chance 
to exercise knowledge, skills, and abilities 
and the opportunity learn about specific 
causes.  
 
Enhancement   Helps personal (ego's) growth and 
development and involves self-esteem and 
personal strength. 
 
Social   Opportunity to make or be with friends or to 
engage in an activity viewed favorably by 
important others.  
 
Career   A means to maintain career-relevant skills 




through engaging in 
volunteer work 
Protective   Protect the ego, feel less lonely, may serve to 
reduce guilt over being more fortunate than 
others are and to address or escape from 
personal problems 
 
  Van Raaij (1991) and Oliver (1980)  
  Satisfaction can be active or passive, is based 
on context-specific expectations, and is the 
disconfirmation of expectations, 
dissatisfaction/satisfaction with an action 
influences a person’s reasons, justification, 
or defense to do/not do that action again, thus 
providing reasons for/against an action or 
behavior.  
 
  (Webb et al., 2000)  
Global 
Motives 





AHO is “global and relatively enduring 
evaluation with regard to helping or assisting 
other people.” ACO as ‘‘global and relatively 
enduring evaluations with regard to the non-
profit organizations that help individuals’’ 
Webb et al., (2000) AHO 
and ACO 
    
Behavioral 
Intentions  
Likelihood a person will undertake/express an action/behavior. 
FVI  The intention to participate in unpaid work (donate time) usually in an 
organization in the nonprofit sector 
FDI  The intention to donate money to an NPO 
*Compiled from Westaby 2005a; Clary et al., 1998; Stukas et al., 2009; Briggs et al., 2010; van Raaij, 1991; 
Oliver, 1980; Webb et al., 2000 
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Appendix E Survey Instruments 
  
VFI Questionnaire 
Volunteer Functions Inventory Measures 
Participants’ functional motivations (reasons) for volunteering is assessed using an 
adapted 29-item VFI (Clary et al., 1998) scale that focuses on six functions (all but one of 
which is assessed with five items) that volunteering can serve. Each item is measured on 
seven-point scales (1 = not at all, and 7 = extremely) as to how important or accurate 
each reason for volunteering was for them as follows: 
 
Values 
I am concerned about those less fortunate than myself. 
I am genuinely concerned about the particular group I will serve. 
I feel compassion toward people in need. 
I feel it is important to help others. 
I can do something for a cause that is important to me. 
 
Understanding 
I can learn more about the cause for which I am working. 
Volunteering allows me to gain a new perspective on things. 
Volunteering lets me learn things through direct, hands on experience. 
I can learn how to deal with a variety of people. 
I can explore my own strengths. 
 
Enhancement 
Volunteering makes me feel important. 
Volunteering increases my self-esteem. 
Volunteering makes me feel needed. 
Volunteering makes me feel better about myself.* 
Volunteering is a way to make new friends. 
 
Social 
My friends volunteer. 
People I'm close to want me to volunteer. 
People I know share an interest in community service. 
Others with whom I am close place a high value on community service. 
Volunteering is an important activity to the people I know best. 
 
Protective 
No matter how bad I've been feeling, volunteering helps me to forget about it. 
By volunteering, I feel less lonely. 
Doing volunteer work relieves me of some of the guilt over being more fortunate than 
others. 
Volunteering helps me work through my own personal problems. 




Volunteer Functions Inventory Measures Cont’d 
Career 
Volunteering can help me to get my foot in the door at a place where I would like to 
work. 
I can make new contacts that might help my business or career. 
Volunteering allows me to explore different career options. 
Volunteering will help me to succeed in my chosen profession. 
Volunteering experience will look good on my resume. 
*inadvertently omitted 
 
Total Match Index (TMI) Questionnaire 
EA Measures 
 
Post-service-learning experience, participants will report their experiences of EAs from 
their volunteer work adapting a 12-item measure designed for this purpose (Stukas et al., 
2009). Each item is measured on a seven-point scale (1=not at all accurate, and 
7=extremely accurate). EAs are linked to the six functions of volunteering and assessed 
with two items each:  
 
Values  
I met my humanitarian obligations through my volunteer work at this organization.  




My volunteerism has allowed me to think about my life in new ways. 




My self-esteem is enhanced by performing volunteer work in this organization. 




I am meeting social obligations through my volunteer work. 




Volunteering at this organization allows me the opportunity to escape some of my own 
troubles. 





Total Match Index (TMI) Questionnaire 
EA Measures, Cont’d 
 
Career 
In volunteering with this organization, I made new contacts that might help my business 
or career. 
I have learned skills that help me in my paid work. 
 
Attitudes Measures Instrument 
 
The attitudes measure is collected using adapted measures of AHO and AHO (Webb et 
al., 2000). Using a seven-point scale where 1 = strongly disagree, and 7 = strongly agree, 
the following measures were assessed in the post-service-learning experience survey: 
 
AHO 
People should be willing to help others who are less fortunate. 
Helping troubled people with their problems is very important to me. 
People should be more charitable toward others in society. 
People in need should receive support from others. 
 
ACO 
The money given to non-profit organizations goes for good causes. 
Much of the money donated to non-profit organizations is wasted.*  
Non-profit organizations have been quite successful in helping the needy. 
Non-profit organizations perform a useful function for society. 
My image of charitable organizations is positive.** 
*Reverse coded  
**omitted pre-experience, included post-experience 
 
Satisfaction Measure Instrument 
 
Assessed in the post-service-learning experience survey, the volunteer satisfaction scale 
is adapted from the (Omoto & Snyder, 1995) scale. A seven-point scale is used where 1 = 
strongly disagree, and 7=strongly agree," to indicate the participant’s level of agreement 
with each of the following statements regarding their satisfaction with the service-
learning experience volunteer experience. 
 
I am satisfied with my overall experience as a volunteer. 
Overall, I looked forward to doing my volunteer work. 
I am happy with my overall volunteer experience. 
Overall, I am pleased with my volunteer work. 
My overall volunteer experience was gratifying. 
Overall, I am content with my volunteer work. 




Future Generosity Behavioral Intention Measures 
 
The generosity behavioral intentions of FVI and FDI are measured with four items in the 
post-service-learning experience survey. Future volunteering is a dependent variable 
assessed using an adaptation of the Stukas et al. (2009) scale. Using a seven-point scale, 




How likely is it that you will be volunteering for THIS organization in one year? 
How likely is it that you will be volunteering at this organization after you graduate? 
How likely is it that you will be volunteering for a DIFFERENT organization in one 
year? 




How likely is it that you will donate to this organization after you graduate? 
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Appendix G: Survey Communications 




Reply To Address: 
Associated Survey: 




As you know, “university” now has a SET (Student Engagement 
Transcript) requirement. My co-authors and I are examining the impact of 
student engagement activities, specifically volunteering, future intention to 
volunteer, and the perceived benefit of those activities to participants. To 
get credit toward YOUR SET, please complete this survey now AND 
complete the follow-up one that will be sent at the end of the semester (to 
earn SET credit, both surveys need to be completed and you will need to 
provide your student ID number).  
 
Completing these surveys also helps us to accurately assess the impact of 
these service, volunteering, and learning activities. Survey completion 
should only take 15 minutes or so. We appreciate your time, effort, and 
insight on completing these surveys. Please click on the link below to fill 
out the survey: 
|LINK1| 
Thanks, 
Dr. “X” and Colleagues 
Sampling Rate: 100% 









Reply To Address: 
Associated Survey: 
Subject: SET Credit opportunity survey reminder to complete survey 
Hello, 
We want to thank those of you who let us know that a glitch in the survey 
didn't allow you to move onto the next page which kept you from completing 
the survey. We've fixed the glitch and ask that you give it another try by 
clicking on the link below. 
|LINK1| 
This email also serves as a reminder to those of you who haven't had time yet 
to complete the 10-15 minute survey and earn credit toward YOUR SET. To 
earn SET credit you will have to also complete the follow-up survey that will 
be sent at the end of the semester (for credit, both surveys need to be 
completed and your student ID number provided). 
We greatly appreciate the time you take to do these surveys. The insights you 
provide will help us to accurately assess the impact of these service, 
volunteering, and learning activities. 
Thanks again, 
Dr. “X” and Colleagues 
Send message: 9/23/10 
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Reply To Address: 
Associated Survey: 
 
Subject: LAST CHANCE to earn simple SET CREDIT 
Hello, 
This is your last chance to complete a 10-15 minute survey AND earn SET 
(Student Engagement Transcript) credit. To get credit, simply complete this 
survey and the follow up we'll send toward the end of the semester. All 
questions, including your student ID, must be completed. We appreciate 
your time, effort, and insight on completing these surveys.  
Please click on the link below to get started: 
 |LINK1| 
My co-authors and I are examining the impact of student engagement 
activities, specifically volunteering, future intention to volunteer, and the 
perceived benefit of those activities to participants.  
Completing these surveys also helps us to accurately assess the impact of 
these service, volunteering, and learning activities.  
 Thank you, 
Dr. “X” and Colleagues 
Send message: 10/1/10 
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You recently took time to complete a survey and my colleagues and I 
thank you. Your input is important to helping us examine and accurately 
assess the impact of student engagement activities, specifically 
volunteering, future intention to volunteer, and the perceived benefit of 
those activities to participants.  
We hope you have a successful semester and will be back in touch 
around Thanksgiving with the second survey. Please remember that to 
get SET credit, you will need to complete that survey too. 
 
Dr. “X” and Colleagues 
 
Send message: 10/8/10 
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Post-Experience Survey Communications 
 






Reply To Address: 
Associated Survey: 




As promised, you are now being invited to complete the second part of 
the survey you completed earlier this Fall. In order to receive SET 
(Student Engagement Transcript) credit for this exercise, you will need 
to have completed BOTH surveys.  
 
Completing these surveys helps us to accurately assess the impact of the 
service, volunteering, and learning activities at “university.” Survey 
completion should only take 15 minutes or so. We appreciate your time, 
effort, and insight on completing these surveys.  
 
To get credit toward YOUR SET, please complete this survey now (to 
earn SET credit, you will need to provide your student ID number). 





Dr. “X” and Colleagues 
 
Sampling Rate: 100% 
Send message: 11/23/10 
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Reply To Address: 
Associated Survey: 
Subject: SET Credit opportunity reminder to complete follow up survey 
 
Hello, 
This email is a reminder to those of you who haven't had time yet to 
complete the 25-30 minute survey and earn credit toward YOUR SET. 
This survey is a follow-up survey to the one sent early in the semester. In 
order to earn credit, both surveys need to be completed and your student 




We greatly appreciate the time you take to do these surveys. The insights 
you provide will help us to accurately assess the impact of these service, 
volunteering, and learning activities. 
 
Thanks again, 
Dr. “X” and Colleagues 
 
Send Message: 11/28/10 
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Reply To Address: 
Associated Survey: 




This is a busy time of year so this email is another reminder to those 
of you who haven't had time yet to complete the 25-30 minute survey 
and earn one hour of credit toward YOUR SET.  
 
REMEMBER in order to earn credit, both surveys need to be 
completed and your student ID number provided. Please click on the 




We greatly appreciate the time you take to do these surveys. The 
insights you provide will help us to accurately assess the impact of 
these service, volunteering, and learning activities. 
 
Thanks again, 
Dr. “X” and Colleagues 
 
Send Message: 12/3/10 
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Reply To Address: 
Associated Survey: 
Subject: LAST CHANCE to earn simple SET CREDIT this semester 
 
Hello, 
This is your last chance to complete this semester's follow-up survey and it 
is ONLY taking students 10-15 minutes to finish! To get SET credit, 
simply complete the follow-up survey and include your student ID. We 
appreciate your time, effort, and insight on completing these surveys.  
 




Completing these surveys helps us to accurately assess the impact of 
service, volunteering, and experiential learning activities.  
 
Thank you, 
Dr. “X” and Colleagues 
 
Send message: 12/5/10 
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Reply To Address: 
Associated Survey: 
Subject: Survey Thank You 
 
Thank you for taking our survey last semester. We know your time is 
valuable and we appreciate that you used some of it to take our survey. 
 
The SET office will be given the information they need to credit your 
transcript. Since you completed both surveys last semester, you will be 
receiving one-SET credit hour. 
 
Best wishes for a successful semester, 
 
Dr. “X” and Colleagues 
 
Send message: 1/17/11 
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University “A” Initial Volunteer and Service Survey 
 
Hello, we are conducting a research survey that examines the kinds of 
volunteer work being done by college students and the impact of 
volunteering on future behavior and need your assistance. There are no 
foreseeable risks to any respondents for participating in the study.  
 
Confidentiality will be maintained at all times and there will be no personal 
identifiers kept in the data or included in any publications or conferences 
proceedings that result from this research. Additionally the data will be 
stored in a password protected file. Your participation is voluntary and you 
can withdraw at any time from the study.  
 
Dr. Abcdefg is conducting this research and can be reached at 1234567890 
if you have any questions or concerns. If you have questions regarding your 
rights as a research participant, you can contact the Human Subject 
Protection Advocate, IRB Office at 123456780. We know you are busy and 





Thank you very much for taking the time to complete this survey! If you 








University “A” Follow up Volunteer and Service Survey 
 
Hello, we are conducting a follow up research survey that examines the 
kinds of volunteer work being done by college students and the impact of 
volunteering on future behavior and need your assistance. There are no 
foreseeable risks to any respondents for participating in the study.  
 
Confidentiality will be maintained at all times and there will be no 
personal identifiers kept in the data or included in any publications or 
conferences proceedings that result from this research. Additionally the 
data will be stored in a password protected file. Your participation is 
voluntary and you can withdraw at any time from the study.  
 
Dr. Abcdefg is conducting this research and can be reached at 
1234567890 if you have any questions or concerns. If you have questions 
regarding your rights as a research participant, you can contact the Human 
Subject Protection Advocate, IRB Office at 123456789. We know you are 
busy and appreciate your taking time to complete this survey because your 




Thank you very much for taking the time to complete this survey! If you 
have any questions please contact Dr. “X” at 1234567890 or the IRB 
office at 123456789. 
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ACO-P AHO-P FDI FVI Satisfaction 
ACO-P 1 0 0 0 0 
AHO-P 0.706 1 0 0 0 
FDI 0.413 0.4451 1 0 0 
FVI 0.437 0.4776 0.7149 1 0 






















    
 
TMI 
ACO-P 1 0 0 0 0 
AHO-P 0.706 1 0 0 0 
FDI 0.412 0.4438 1 0 0 
FVI 0.435 0.473 0.7166 1 0 
TMI 0.423 0.4251 0.4532 0.6361 1 
 
